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This dissertation examines how generative Artificial Intelligence (AI) affects 

Human Resource Management (HRM). It focuses on how AI can speed recruitment, 

personalize employee training, improve performance evaluations, and boost employee 

engagement and satisfaction. The study uses data and user experience (UX) insights to 

evaluate how AI tools change important HR processes and what this means for 

organizations and employees. 

The findings show that many people recognize AI's ability to automate 

recruitment tasks like screening resumes. This helps reduce the time it takes to hire and 

improves candidate diversity. AI tools also make performance evaluations more accurate 

by providing data-driven insights, which helps to minimize human bias. However, there 
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are challenges like user adoption, integration, and transparency. These issues highlight 

the need for better UX design to maximize the benefits of AI tools. 

AI effectively creates personalized learning experiences for employee training 

and retention. This leads to better knowledge retention and engagement. However, some 

employees feel that the training is only sometimes relevant or interactive, showing a need 

for more tailored features and better user engagement. Additionally, AI-driven HR 

support systems have improved employee satisfaction, especially during onboarding and 

when accessing HR resources. Still, some neutral responses suggest room for UX design 

and communication improvement. 

The dissertation also covers ethical issues like data privacy and algorithmic bias, 

which need careful management to ensure fair AI use in HR practices. The research 

highlights the importance of combining AI's analytical abilities with human oversight to 

build trust and inclusivity. 

Overall, this study adds to the understanding of AI in HRM by outlining its 

benefits, challenges, and future possibilities. It provides practical insights for 

organizations wanting to use AI to improve HR functions while keeping a user-centred 

approach, emphasising transparency, fairness, and continuous improvement. 
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CHAPTER I: 

INTRODUCTION 

1.1 Introduction 

The rapid evolution of artificial intelligence (AI) has fundamentally transformed 

various industries, including healthcare, finance, and logistics. Human Resource 

Management (HRM) has emerged as a fertile ground for integrating AI technologies to 

enhance operational efficiency, strategic decision-making, and employee satisfaction. 

Traditionally, HRM has relied heavily on manual processes and heuristic-based decision- 

making, which, while effective in the past, often struggles to cope with the demands of 

modern, dynamic workplaces. Generative AI, a subset of AI that involves creating new 

content such as text, images, and patterns, offers immense potential to revolutionize 

HRM practices by automating complex tasks and enabling a more personalized approach 

to employee management (Brown & Jones, 2022; Sharma, 2023). However, the adoption 

and success of generative AI in HRM are intrinsically tied to its usability, accessibility, 

and ability to create seamless user experiences (UX). 

In HRM, generative AI can enhance core processes such as recruitment, training, 

performance evaluation, and employee engagement. For instance, generative AI can 

analyze large datasets of candidate profiles to generate tailored job descriptions or assist 

in identifying the most suitable candidates for a position based on predictive algorithms 

(Smith et al., 2021). Similarly, personalized training modules and development plans can 

be dynamically created to address specific skill gaps, improving employee satisfaction 

and organizational efficiency (Doe & Roe, 2020). For these innovations to be practical, 

integrating AI tools must prioritize UX principles, ensuring interfaces are intuitive, 

seamless interactions, and outcomes align with user expectations. 
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Despite these opportunities, the adoption of generative AI in HRM has 

challenges. Concerns about data privacy, algorithmic biases, and the ethical implications 

of AI-driven decision-making continue to dominate the discourse. These challenges 

necessitate a balanced exploration of the risks and rewards of integrating generative AI 

into HR practices. Additionally, resistance from employees and HR professionals, 

coupled with the significant financial and infrastructural investments required, 

underscores the importance of designing AI systems that are user-friendly and transparent 

to ensure successful adoption (Green et al., 2021). 

This dissertation examines the transformative potential of generative AI in HRM 

through an in-depth analysis of its opportunities, challenges, and practical use cases, 

focusing on UX considerations. Specifically, it addresses key questions regarding how 

generative AI can improve HRM processes, the ethical and operational challenges it 

presents, and the real-world implications of its adoption in organizational settings. By 

comprehensively exploring these aspects, the study contributes to both academic 

literature and practical knowledge, offering actionable insights for HR practitioners and 

policymakers. 

The research is structured to align theoretical foundations with practical 

applications. The study begins with a review of the existing literature on AI in HRM and 

generative AI technologies. This is followed by analyzing specific opportunities 

generative AI offers, such as enhanced recruitment, training personalization, and 

predictive workforce planning. The study also delves into the challenges, including data- 

related concerns, ethical considerations, and resistance to adoption. Crucially, it 

integrates a UX perspective by assessing how design and usability influence the 

effectiveness of these technologies. Finally, the dissertation presents detailed case studies 

and use cases to illustrate the practical implementation of generative AI in HRM. It 
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concludes with recommendations for leveraging its potential while mitigating associated 

risks. 

This dissertation provides a holistic understanding of how generative AI can be 

strategically integrated into HRM to drive innovation, enhance efficiency, and maintain 

ethical standards while ensuring positive and seamless user experiences. It is imperative 

for organizations to not only understand the capabilities of generative AI but also to 

anticipate its challenges, ensuring that its integration aligns with both business goals and 

human-centric values (Adams & Wilson, 2023). This research develops a roadmap for 

navigating this complex but promising technological transformation, serving as a guide 

for the future of HRM in the age of AI. 

1.1.1 Use Cases of Generative AI in HRM 

Generative AI has emerged as a transformative force within Human Resource 

Management (HRM), providing innovative and streamlined solutions across a variety of 

HR functions. These functions include recruitment, learning and development, employee 

engagement, workforce planning, and initiatives aimed at enhancing diversity. Among 

these applications, generative AI's role in recruitment and talent acquisition stands out as 

particularly impactful. 

In the recruitment process, generative AI significantly enhances efficiency by 

automating several key aspects, including resume screening, job matching, and interview 

scheduling. Through advanced algorithms, AI tools can analyze extensive databases of 

resumes, efficiently extracting critical qualifications, skills, and experiences that match 

specific job descriptions. This capability not only reduces the time-to-hire—a common 

challenge in many organizations—but also ensures a more uniform and consistent 

evaluation process across candidates. Furthermore, AI-powered chatbots, such as 

ChatGPT, can interact with potential candidates by answering their queries in real time, 
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conducting preliminary assessments, and facilitating a smoother application process. 

However, while these technological advancements enhance efficiency and help mitigate 

human biases in hiring, they also present ethical concerns, particularly regarding 

algorithmic bias. The effectiveness of these systems largely depends on the quality of 

their training data, making it crucial for organizations to implement robust oversight and 

bias mitigation strategies to ensure fairness in the recruitment process (Mujtaba & 

Mahapatra, 2019). 

In the domain of learning and development, generative AI is revolutionizing 

employee training by offering personalized learning experiences tailored to individual 

employee needs. By analyzing performance data and identifying skill gaps, AI-driven 

platforms can recommend specific courses and develop customized e-learning materials 

that align with an employee's unique career aspirations and preferred learning styles. 

These innovative tools often simulate real-world scenarios, such as conflict resolution or 

leadership challenges, which allows for immersive and engaging training experiences. As 

a result, generative AI accelerates skill acquisition and enhances overall workforce 

adaptability, positioning organizations to compete more effectively in a rapidly evolving 

business landscape. Nevertheless, challenges persist, particularly with the high costs 

associated with integrating generative AI into existing learning frameworks and ensuring 

the relevance and quality of the training content provided. These factors remain 

significant barriers to widespread adoption in many organizations (Bilgram & Laarmann, 

2023). 

Generative AI also plays a vital role in boosting employee engagement and 

refining feedback mechanisms within the workplace. AI-powered virtual assistants can 

manage routine inquiries related to HR matters such as payroll, benefits, and workplace 

policies, which alleviates the burden on HR teams and fosters higher employee 
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satisfaction by providing fast and accurate responses. Moreover, generative AI tools can 

analyze data collected from employee engagement surveys and feedback, translating that 

data into actionable insights. These insights empower HR teams to proactively address 

issues related to workplace morale and employee satisfaction. However, organizations 

must navigate privacy concerns, as employees may be reluctant to share sensitive 

feedback if they are uncertain about how their data will be utilized and protected (Jeong, 

2023). 

Another significant application of generative AI in HRM is in workforce planning 

and strategic decision-making. AI systems can analyze historical workforce data to 

predict trends, such as attrition rates, skill shortages, and hiring needs. This predictive 

capability enables HR teams to formulate proactive hiring strategies, optimize the 

allocation of resources, and identify potential retention risks. For instance, AI can 

pinpoint employees who are at a heightened risk of leaving the organization, allowing HR 

professionals to implement targeted retention measures such as offering tailored 

incentives or career development opportunities. However, the integration of generative 

AI into legacy systems and ensuring the accuracy of predictive models are technical 

challenges that organizations must address to fully harness the potential benefits of this 

technology (Chen et al., 2023). 

Generative AI also plays a crucial role in furthering diversity and inclusion (D&I) 

initiatives within organizations. These AI tools can help to identify and mitigate biases in 

recruitment, performance evaluations, and workplace communications. By ensuring that 

job descriptions are crafted with inclusive language and that the candidate shortlisting 

processes are equitable, generative AI can significantly contribute to more diverse hiring 

practices. However, the effectiveness of these initiatives is contingent upon the quality 

and representativeness of the training data used. Without vigilant oversight, AI systems 
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may inadvertently perpetuate existing biases, ultimately undermining D&I efforts 

(Dencik et al., 2023). 

In conclusion, generative AI presents transformative opportunities for HRM, facilitating 

operational efficiency, enhancing personalization, and enabling data-driven decision- 

making. From automating recruitment processes to nurturing diversity and inclusion, the 

applications of generative AI are numerous and impactful. However, to fully unlock these 

benefits, organizations must tackle challenges related to ethical considerations, 

integration costs, data privacy, and algorithmic fairness. By adopting a thoughtful and 

responsible approach to implementation, HR departments can leverage generative AI to 

create adaptive, inclusive, and innovative workplace environments that foster growth and 

success. 

1.2 Motivation Behind Research 

The motivation for this research stems from the rapid advancements in artificial 

intelligence (AI) and the profound opportunities it presents to transform Human Resource 

Management (HRM). As organizations increasingly face the challenges of managing 

dynamic and diverse workforces, generative AI emerges as a tool with the potential to 

revolutionize HR practices by automating repetitive tasks, personalizing employee 

interactions, and enhancing decision-making processes. This research is driven by the 

desire to bridge the gap between technological innovations and practical applications in 

HRM, ensuring that organizations can fully leverage the benefits of generative AI while 

addressing its challenges. 

Traditional HR processes, such as recruitment, employee training, and 

performance evaluations, are often time-consuming, resource-intensive, and prone to 

human biases. These inefficiencies hinder organizations from achieving their full 

potential,  especially  in  fast-paced  industries.  Generative  AI  offers  solutions  by 



7  

automating mundane tasks like resume screening, creating personalized training modules, 

and providing data-driven insights for performance evaluations. This research is 

motivated by the pressing need to explore how these AI-driven efficiencies can be 

harnessed to improve HR operations and overall organizational effectiveness (Rane et al., 

2024). 

In modern workplaces, employee experience has become critical in attracting, 

retaining, and engaging talent. Generative AI has the potential to revolutionize how HR 

interacts with employees by delivering highly personalized services, such as customized 

learning paths and real-time support for employee inquiries. By integrating a user 

experience (UX) perspective, this research aims to uncover how generative AI can create 

seamless, intuitive, and satisfying employee interactions, fostering a positive workplace 

culture (Vishwanath and Vaddepalli 2023). 

Despite its promise, the adoption of generative AI in HRM is fraught with 

challenges, including ethical concerns, data privacy issues, and algorithmic biases. These 

challenges can impede the effective integration of AI into HR processes and erode trust 

among employees and stakeholders. The motivation for this research lies in developing 

strategies to overcome these barriers and ensure that the implementation of AI 

technologies is fair, transparent, and aligned with organizational values (Rane et al., 

2024). 

While there is considerable research on AI applications in HR, the unique 

capabilities of generative AI—such as creating original content, generating predictive 

insights, and personalizing interactions—remain underexplored. Additionally, existing 

studies often overlook the critical role of UX in determining the success of AI 

implementations. This research is motivated by the need to fill these gaps by 
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comprehensively analyzing the opportunities, challenges, and use cases of generative AI 

in HRM, with a strong focus on user-centred design principles (Khan et al., 2024). 

In today’s competitive business environment, organizations constantly seek 

innovative solutions to enhance efficiency, drive engagement, and adapt to changing 

workforce dynamics. Generative AI is poised to meet these needs by enabling more 

intelligent decision-making, improving operational agility, and fostering inclusivity. The 

motivation for this research is rooted in the growing demand for actionable insights that 

can guide organizations in adopting and optimizing generative AI technologies in their 

HR functions (Füller et al., 2022). 

The researcher’s interest in the intersection of AI and human-centric processes 

strongly motivates this study. With a computer science and business management 

background, the researcher is uniquely positioned to explore the technical and 

organizational dimensions of generative AI in HRM. This study also aligns with the 

researcher’s academic aspirations to contribute meaningful insights to the HRM and AI 

integration field (Jia and Hou, 2024). 

In summary, this research is driven by the potential of generative AI to address 

long-standing inefficiencies in HR, enhance the employee experience, and navigate the 

ethical and practical challenges associated with AI adoption. By focusing on the 

opportunities, challenges, and user experience of generative AI in HRM, this study aims 

to provide a roadmap for organizations to implement and benefit from this transformative 

technology strategically. 

1.3 Research Problem 

In today’s fast-changing business world, Human Resource (HR) departments need 

to improve the experience for employees and job candidates. HR teams deal with large 

amounts of data, offer personalized experiences, and handle many demanding daily tasks. 
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Key HR activities like hiring, training, and performance evaluations often rely on time- 

consuming manual processes. This makes it hard for HR to keep up and provide an 

engaging experience. For example, reviewing resumes by hand, creating custom training 

programs, and assessing performance can limit HR resources and lower responsiveness. 

This heavy reliance on manual work limits HR’s ability to meet growing expectations for 

efficient, personalized services. 

Generative AI can significantly change HR processes. It helps manage large 

amounts of data and creates custom content while improving the user experience for HR 

professionals and employees. By personalizing interactions, it improves HR's 

engagement with employees and candidates. For instance, generative AI can speed up 

resume screening, making the process faster and more efficient. It can also produce 

personalized onboarding and training materials that adjust to each person's learning 

speed, leading to a more engaging experience. Additionally, AI-driven performance 

evaluations offer clear insights, helping HR professionals make better, data-informed 

decisions. 

These AI features can help HR deliver quicker, more efficient, personalized 

experiences for everyone, increasing satisfaction and engagement. However, many HR 

departments need help implementing generative AI effectively. They need help with UX 

design, knowledge gaps, limited resources, and concerns about ethics and transparency. If 

user experience is not prioritized, AI tools may not be easy to use or accessible, which 

limits their potential. HR departments can overcome these challenges by incorporating 

UX principles when developing and deploying generative AI. This will help them realize 

AI's full potential to create meaningful experiences for employees and HR professionals.. 

While AI is becoming more common in HR, specific uses of generative AI—like 

creating personalized training content and using predictive analytics to enhance hiring 
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experiences are not well studied. Most current research focuses on general AI 

applications, such as chatbots for answering simple HR questions or machine learning for 

tracking employee performance. These studies often overlook the unique advantages that 

generative AI offers, such as designing tailored onboarding experiences, using past data 

to predict talent needs, and creating flexible training resources for each employee’s 

unique journey. This lack of research stops HR from using generative AI to improve user 

experiences across their services. 

By exploring the user-focused abilities of generative AI, HR departments can 

innovate and streamline their operations, providing a better and more personalized 

experience for everyone. As HR aims to deliver meaningful services, generative AI can 

help meet specific roles, career goals, and individual aspirations. Additionally, by 

automating time-consuming tasks, generative AI allows HR professionals to focus on 

strategic initiatives that boost employee satisfaction and build a positive company culture. 

HR must also address ethical and operational challenges to benefit fully from generative 

AI. Protecting data privacy, reducing bias in AI decisions, and ensuring transparency are 

crucial for creating a balanced approach that maximizes generative AI’s potential while 

maintaining user trust and organizational values. 

1.4 Purpose of Research 

This study aims to investigate the transformative potential of generative AI within 

Human Resource Management (HRM) by examining its opportunities, challenges, and 

real-world applications. In line with the research goals, this study intends to deliver 

practical insights for organizations to improve HR functions such as recruitment, 

personalized training, performance assessments, and employee engagement by effectively 

integrating generative AI technologies. 
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Enhancing Recruitment Processes: The research analyzes how generative AI can 

streamline recruitment by automating repetitive tasks like resume screening and 

candidate matching while decreasing bias and increasing hiring efficiency (Hu, 2023). By 

evaluating the effects of AI tools on time-to-hire, candidate diversity, and recruiter 

satisfaction, the study aims to pinpoint best practices for adopting AI-driven recruitment 

approaches. 

Tailoring Employee Training and Development: Given that employee learning 

and retention present significant organizational challenges, this research investigates 

generative AI's role in developing customized training programs. The study examines 

how effective AI is in designing individualized learning paths based on specific skill gaps 

and career aspirations, examining its influence on engagement, knowledge retention, and 

long-term employee growth (Nguyen et al., 2021). 

Improving Performance Evaluations: Conventional performance evaluation 

techniques frequently lack objectivity and actionable insights. This study seeks to 

evaluate the predictive power of generative AI in assessing employee performance by 

utilizing historical data, project results, and feedback metrics (Chen et al., 2023). The aim 

is to determine if AI-driven tools can offer more equitable, data-informed evaluations and 

foster transparency and trust within the workplace. 

Increasing Employee Engagement and Satisfaction: Generative AI's capability to 

customize employee interactions and deliver real-time HR support offers chances to 

boost engagement and satisfaction. This research examines how AI-powered solutions, 

such as automated chatbots and tailored onboarding resources, affect employee 

experiences and workplace culture, focusing on promoting inclusivity and well-being 

(Jeong, 2023). 
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Tackling Ethical Considerations: The study underscores the necessity of 

addressing the ethical dilemmas related to AI use in HRM, including data privacy, 

algorithmic bias, and transparency. By recognizing the potential risks and suggesting 

mitigation strategies, the research aims to encourage the responsible and fair 

implementation of AI in HR practices (Mujtaba & Mahapatra, 2019). 

By pursuing these objectives, this research adds to the expanding body of 

literature on generative AI in HRM, providing actionable recommendations for 

organizations to harness its advantages while minimizing risks. It seeks to close the 

divide between technological capabilities and user-focused HR practices, enabling 

companies to foster efficient, engaging, and ethical workplace environments. 

1.5 Significance of the Study 

This study's importance lies in its thorough examination of how generative AI can 

revolutionize Human Resource Management (HRM) practices. By delving into its 

opportunities, challenges, and practical applications, this research provides valuable 

theoretical insights and actionable recommendations to enhance HR processes that centre 

on the user experience. 

Enhancing HR Efficiency and Innovation: Generative AI holds immense promise 

for boosting operational efficiency in HR by automating routine tasks such as resume 

screening, interview scheduling, and administrative duties (Hu, 2023). This study's 

findings highlight how AI-powered tools can liberate HR professionals to concentrate on 

strategic initiatives like talent development and workforce planning, thus promoting 

innovation and agility within organizations. 

Elevating Employee Engagement and Personalization: The research emphasizes 

generative AI's ability to tailor employee experiences through customized training 

programs, performance feedback, and immediate HR support (Nguyen et al., 2021). 
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Generative AI can significantly enhance employee satisfaction, engagement, and 

retention by catering to individual needs and preferences—essential components for 

building a motivated and resilient workforce. 

Championing Fairness and Transparency in HR Practices: Traditional HR 

methods are often plagued by biases and inconsistencies, particularly in recruitment and 

performance evaluations. This research illustrates that generative AI can mitigate bias 

and improve the fairness of HR decisions through data-driven insights and predictive 

analytics (Chen et al., 2023). Furthermore, the study stresses the importance of 

transparency in AI decision-making processes to foster trust among employees and 

stakeholders (Mujtaba & Mahapatra, 2019). 

Fostering Ethical AI Integration: Ethical considerations such as data privacy, 

algorithmic bias, and accountability are vital for successfully adopting generative AI in 

HRM. This study tackles these dilemmas by presenting strategies that ensure AI 

implementation aligns with organizational values and complies with regulatory standards 

(Jeong, 2023). The findings contribute to the ongoing discourse on balancing 

technological innovation with ethical responsibility in HR practices. 

Establishing a User-Centered Framework: This study's pivotal contribution is its 

dedication to the user experience (UX) of generative AI tools in HR. By exploring how 

intuitive and user-friendly AI systems affect adoption and satisfaction among HR 

professionals and employees, the research underscores the critical need for accessible 

interfaces and processes that enhance overall effectiveness and usability (Bilgram & 

Laarmann, 2023). 

Addressing Research Gaps: Much of the existing literature focuses on general AI 

applications in HR, such as chatbots and analytics, often overlooking the unique 

capabilities of generative AI—like content creation and personalization. This study 
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addresses these gaps by offering a sophisticated understanding of generative AI's 

potential to transform HR practices across the spectrum of recruitment, training, 

performance evaluation, and employee engagement (Dastin, 2020). 

Guiding Organizational Decision-Making: The insights from this research provide 

practical guidance for HR leaders, policymakers, and organizations looking to embrace 

generative AI technologies. By outlining best practices, identifying obstacles, and 

emphasizing ethical concerns, the study serves as a comprehensive roadmap for 

organizations to navigate the intricacies of AI integration in HRM successfully. 

In summary, this study is vital for deepening the understanding of generative AI's 

transformative role in reshaping HR practices. It contributes significantly to both 

academic discourse and practical applications by spotlighting AI's transformative 

capabilities while tackling the ethical and user-centred dimensions of its implementation. 

The research lays the groundwork for more efficient, engaging, and inclusive HRM 

systems by equipping organizations with the knowledge and tools for responsible 

generative AI integration. 

1.6 Research Purpose and Questions 

The integration of artificial intelligence (AI) into human resource (HR) practices 

offers significant opportunities for transforming recruitment, employee management, and 

sustainability. AI tools enhance efficiency and candidate matching, automating tasks like 

screening resumes and scheduling interviews. This allows HR professionals to focus 

more on strategic decision-making and candidate relationships (Nyathani, 2022). 

AI also innovates employee training by providing personalized solutions through 

micro-learning and adaptive systems, improving engagement and skill retention. 

Research shows that AI-driven training enhances learning outcomes and supports 

ongoing upskilling, vital in evolving industries (Maity, 2019). 
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Additionally, AI promotes sustainable HR practices by enabling energy 

management systems and smart technologies, helping organizations reduce their carbon 

footprints and align with corporate social responsibility goals (Rastogi and Pandya, 

2023). Furthermore, AI strengthens HR analytics, facilitating data-driven decisions in 

workforce planning and performance management, thereby boosting competitiveness 

(Wuisan et al., 2023). 

However, challenges like ethical considerations, bias mitigation, and data privacy 

demand the establishment of transparent AI governance frameworks (Böhmer and 

Schinnenburg, 2023). AI also automates administrative tasks, leading to a hyper- 

personalized employee experience, which can enhance job satisfaction and reduce 

turnover (Malik et al., 2020). 

In a globalized workforce, AI’s ability to integrate into HR functions is crucial for 

addressing diverse employee needs and fostering collaboration between human 

professionals and intelligent systems, ensuring organizational agility and sustainability 

(Marhraoui et al., 2021). Nonetheless, HR practitioners need to address skill gaps and 

ethical dilemmas to fully leverage AI's transformative potential. 

By exploring the user-focused abilities of generative AI, HR departments can 

innovate and streamline their operations, providing a better and more personalized 

experience for everyone. As HR aims to deliver meaningful services, generative AI can 

help meet specific roles, career goals, and individual aspirations. Additionally, by 

automating time-consuming tasks, generative AI allows HR professionals to focus on 

strategic initiatives that boost employee satisfaction and build a positive company culture. 

HR must also address ethical and operational challenges to benefit fully from generative 

AI. Protecting data privacy, reducing bias in AI decisions, and ensuring transparency are 
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crucial for creating a balanced approach that maximizes generative AI’s potential while 

maintaining user trust and organizational values. 

Here motive is to provide answer for research questions which are: 

Research Questions: 

1. What specific factors (e.g., response time, engagement) are most affected by 

generative AI in recruitment? 

2. How does the use of generative AI in training personalization affect employee 

retention rates and training completion outcomes compared to traditional training 

methods? 

3. How accurately can generative AI predict employee performance outcomes, 

and how do these predictions align with actual performance metrics? 

4. What impact does AI-enhanced HR support, such as instant query responses 

and personalized onboarding, have on employee engagement and satisfaction levels? 



17  

CHAPTER II: 

REVIEW OF LITERATURE 

2.1 Theoretical Framework 

The incorporation of AI into business practices is not a new idea; it has been 

gradually reshaping the dynamics of operations, customer service, marketing, and human 

resource management (HRM) for many years (Brynjolfsson & McAfee, 2014). In HRM, 

traditional methods have been greatly enhanced by AI technologies, which promote better 

decision-making, efficient process management, and increased employee engagement 

(Chui et al., 2018). The function of AI in HRM includes several areas, such as talent 

acquisition, employee onboarding, training and development, performance evaluation, 

and strategies for employee retention (Cappelli, 2019). The progression of AI in HRM 

signifies a transition towards more data-driven, personalized, and adaptable HR practices, 

designed to address the evolving needs of the workforce and business landscapes 

(Brynjolfsson & McAfee, 2014). 

Generative AI, also known as generative adversarial networks, is a type of 

artificial intelligence that can produce new content, including images, text, and music 

(Goodfellow et al., 2014). Unlike other AI systems that focus on identifying patterns in 

pre-existing data, generative AI is capable of creating entirely new and original material 

(Radford et al., 2019). As the role of AI grows in diverse sectors, generative AI has found 

numerous applications in areas such as healthcare, finance, and marketing (Vincent, 

2021). Within the HR industry, generative AI presents both opportunities and challenges 

that could transform how organizations recruit, train, and manage their workforce 

(Dastin, 2020). 

The critical importance of Human Resource Management in promoting 

organizational success, along with the need for innovative approaches to address HR 
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challenges, cannot be emphasized enough (Ulrich, 2016). Generative AI has the potential 

to significantly change HR in various ways, including optimizing the recruitment process 

and creating personalized training and development programs for employees (Binns et 

al., 2020). A major benefit that generative AI provides in HR is its capability to automate 

repetitive tasks like resume evaluation and candidate sourcing (Huang & Rust, 2021). By 

using generative AI algorithms, HR departments can greatly minimize the time and effort 

required in initial candidate screening, which allows them to concentrate on more 

strategic facets of talent management (Mehta et al., 2020). 

Beyond automation, generative AI can also aid in creating customized training 

materials for employees. This allows organizations to develop tailored learning resources 

based on each employee's individual needs and preferred learning styles (Fleming, 2022). 

By utilizing generative AI in training and development, HR can guarantee that employees 

receive focused and efficient learning experiences that match their specific requirements, 

ultimately enhancing performance and productivity (Nguyen et al., 2021). 

This study aims to investigate the opportunities, challenges, and real-life 

applications of generative AI in HR. It will provide insights into the potential advantages 

and considerations for implementing this advanced technology within the human 

resources domain. 

2.2 Opportunities of Generative AI in HRM 

The integration of artificial intelligence (AI) into human resources (HR) is 

increasingly recognized as a transformative force that can provide a myriad of benefits 

and opportunities for organizations of all sizes and sectors. By harnessing advanced AI 

technologies, HR professionals gain unprecedented capabilities to analyze vast amounts 

of data, predict trends, and diagnose a wide array of organizational challenges. This leads 

to more informed and effective decision-making pertaining to critical employee-related 
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issues, ultimately fostering a more responsive and adaptive work environment (Ganatra 

and Pandya 2023). 

Historically, the role of HR has been seen primarily as administrative, focused on 

tasks such as payroll processing and compliance management. However, the advent of AI 

is revolutionizing HR management (HRM) by pushing the boundaries beyond these 

traditional functions. Process automation is one significant advancement; it not only 

alleviates the tedious workload often associated with repetitive tasks but also increases 

the speed and accuracy of various HR processes. As a result, HR professionals can direct 

their efforts toward more strategic activities, such as developing comprehensive talent 

management strategies, enhancing workplace culture, and driving employee engagement 

initiatives. Key HR functions that benefit from AI include talent acquisition, training and 

development, employee retention, employee engagement, and performance appraisal, 

among others (Arora et al., 2021). 

The introduction of AI and HR analytics into the HR landscape facilitates a 

fundamental shift in how talent management strategies are developed and executed. 

Automating workforce management significantly decreases the administrative burden on 

HR teams, allowing them to focus on innovative and strategic endeavors that align with 

the organization’s long-term goals. This reallocation of focus enhances overall 

productivity and empowers HR professionals to make data-driven decisions that can 

substantially impact the organization positively (George and Thomas, 2019). 

Moreover, the application of Generative AI in knowledge-based HRM practices 

offers the potential to profoundly affect an organization's intellectual capital, thus 

elevating its innovation capacity. The interplay between human capital and AI-enhanced 

HRM practices highlights the critical mediating role that skilled and knowledgeable 

employees play in fostering innovation within organizations. By leveraging Generative 
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AI, HR professionals are equipped to tap into the collective expertise of their workforce, 

facilitating the generation of cutting-edge ideas and solutions that are essential for 

organizational growth and competitiveness (Kianto et al., 2017). 

Recent research underscores the multifaceted advantages of integrating generative 

AI into HR practices. For instance, studies by Mittal (2023) and Zel (2020) detail how AI 

tools can cultivate a more comprehensive work environment that prioritizes clarity, 

promotes skill development, recognizes employee contributions, and enhances overall 

well-being. In addition, Paige (2023) emphasizes AI's potential to bolster employee 

retention rates through the application of predictive analytics, natural language 

processing, and smart chatbots that provide timely support and engagement. Saleh (2023) 

also notes the transformative effects AI has on key HR processes such as recruitment, 

candidate selection, and onboarding, which in turn frees HR practitioners to devote their 

time to more strategic initiatives. 

Collectively, these studies suggest that the incorporation of generative AI can lead 

to heightened levels of employee engagement and satisfaction, as well as improved well- 

being through personalized interactions, robust feedback mechanisms, and tailored HR 

services. 

In conclusion, the integration of AI into HR functions presents a rich array of 

advantages for organizations striving to excel in a competitive landscape. From enhanced 

data-driven decision-making to increased operational efficiency and agility, AI 

technology holds immense promise for revolutionizing the HR field. By strategically 

implementing AI-driven systems and incorporating Generative AI into knowledge-based 

HRM practices, organizations can unlock latent potential, boost innovation performance, 

and cultivate a culture of continuous improvement. It is evident that AI transcends mere 

buzzword status; it emerges as a formidable tool capable of propelling organizations 
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toward success in the dynamic and ever-evolving realm of HR. Consequently, it is 

imperative for organizations to embrace AI technology and leverage its transformative 

capabilities to secure a competitive edge in the market. 

2.3 The Affordances of AI in HRM 

Artificial intelligence (AI) has emerged as an essential and transformative tool in 

the realm of modern Human Resource Management (HRM), offering a diverse array of 

affordances that can significantly improve HR practices across various dimensions. The 

concept of "affordance" refers to the capabilities and potential applications enabled by a 

technology, and in the context of AI, it allows HR professionals to execute tasks with 

greater efficiency, accuracy, and a high level of personalization (Prentice, 2023). 

One of the most prominent affordances of AI within HRM is its ability to 

automate repetitive administrative tasks that traditionally consume a considerable amount 

of time and resources. AI-driven systems can efficiently manage routine processes such 

as payroll administration, employee scheduling, compliance monitoring, and benefits 

management. By automating these time-consuming functions, HR professionals are 

liberated to dedicate their efforts toward more strategic, high-value activities such as 

workforce planning, talent development initiatives, and corporate culture enhancement 

(Arora et al., 2021). 

Moreover, AI significantly enhances decision-making capabilities within HR by 

providing robust data-driven insights. Through advanced machine learning algorithms, 

businesses can analyze vast datasets to identify trends, patterns, and correlations that may 

not be immediately evident. This capability aids HR managers in making informed 

decisions regarding recruitment strategies, employee promotions, talent development 

pathways, and retention initiatives (Brynjolfsson & McAfee, 2014). For instance, 

predictive analytics can proactively forecast employee turnover by analyzing historical 
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data and identifying key factors contributing to attrition. This insight ultimately supports 

more effective workforce planning and targeted talent management strategies (Chui et al., 

2018). 

In addition to improving operational efficiencies, AI offers significant affordances 

in enhancing employee engagement and development. Utilizing tools such as natural 

language processing (NLP) and sentiment analysis, AI systems can assess employee 

feedback gleaned from various sources, including surveys, emails, and social media 

interactions. By doing so, these systems are able to measure overall employee 

satisfaction, pinpoint emerging concerns or grievances, and advise on interventions that 

could be implemented to address these issues (Cappelli, 2019). Furthermore, AI can 

personalize employee learning and development programs by creating tailored training 

content that adapts to the individual’s needs, preferences, and learning pace. This 

customization enhances the overall effectiveness and relevance of training initiatives, 

leading to improved employee performance and career advancement opportunities 

(Huang and Rust, 2021). 

Another noteworthy affordance of AI is its capacity to refine the recruitment 

process, which can often be labor-intensive and subjective. AI-powered applicant 

tracking systems (ATS) have the ability to sift through extensive pools of resumes and 

applications swiftly, identifying candidates who are the best fit based on clearly defined 

criteria, such as relevant skills, prior experience, and cultural alignment with the 

organization. This level of automation not only reduces the time HR departments spend 

on manual screening but also promotes a more objective and bias-free recruitment 

experience, thereby enhancing the diversity and inclusivity of the talent acquisition 

process (Mehta et al., 2020). Additionally, AI can streamline the employee onboarding 

process by automating the assembly of training materials, compliance documentation, 
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and other critical resources, leading to a smoother and more efficient entry experience for 

new hires. 

However, despite the multitude of advantages associated with the integration of 

AI into HRM, several challenges must be addressed. Concerns about data privacy, 

potential algorithmic bias, and the necessity for HR professionals to acquire new skills to 

effectively utilize AI tools can complicate this technological adoption. Nevertheless, 

when thoughtfully and ethically executed, the affordances of AI in HRM can result in 

more streamlined, effective, and equitable HR practices. This ultimately fosters a more 

agile and innovative organizational culture that is better suited to adapt to the rapidly 

evolving business landscape (Nguyen et al., 2021). 

In conclusion, the affordances of AI in HRM are extensive and multifaceted. 

These technologies empower HR professionals to automate mundane tasks, leverage data 

to inform strategic decision-making, enhance employee engagement, and refine 

recruitment and talent management practices. As organizations continue to adopt and 

integrate AI solutions, HR departments stand to unlock significant value through 

operational efficiencies, heightened employee satisfaction, and improved overall 

organizational performance. 

2.4 Enhancing Recruitment Efficiency with Generative AI 

Generative AI is transforming recruitment processes in Human Resource 

Management (HRM) by automating tasks, improving accuracy, and enhancing the overall 

efficiency of hiring. One of its most impactful applications is in automating the screening 

and matching of candidates. By leveraging natural language processing (NLP) and 

machine learning algorithms, generative AI tools analyze resumes and match them with 

job descriptions by extracting and comparing key skills, qualifications, and experience. 

This eliminates the need for HR professionals to manually sift through large volumes of 
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resumes, significantly reducing the time and effort involved in the initial stages of 

recruitment. For example, Unilever implemented AI-powered recruitment systems 

through partnerships with HireVue and Pymetrics, enabling automated resume screening 

and video interview analysis, which resulted in substantial time and cost savings while 

ensuring objective and data-driven candidate evaluations (Hu, 2023). 

In addition to screening, generative AI enhances candidate engagement by 

offering personalized and efficient communication throughout the recruitment process. 

AI-powered chatbots and virtual assistants are capable of responding to candidate 

inquiries, scheduling interviews, and even providing tailored feedback on application 

statuses. This improves the candidate experience by ensuring timely communication and 

reducing frustration associated with traditional recruitment delays. Moreover, AI tools 

can simulate human interaction, providing an engaging yet automated means of 

maintaining applicant interest and motivation. These systems also reduce human biases in 

hiring decisions by focusing on objective, data-driven assessments of candidates’ 

suitability for roles, fostering fairness and inclusivity (Thakur et al., 2023). 

Generative AI also brings innovation to interview processes, where tools can 

analyze video interviews to assess candidates' verbal and non-verbal cues, tone, and word 

choices. These insights help HR teams make more informed decisions, offering deeper 

understanding of candidates’ interpersonal skills and cultural fit. Moreover, AI systems 

can create predictive models that forecast a candidate’s long-term performance and 

retention likelihood based on historical data and behavioral patterns. However, while 

generative AI tools streamline HR tasks and enhance decision-making, they must be used 

responsibly to avoid ethical concerns, such as algorithmic bias or privacy issues, which 

require oversight to maintain fairness and transparency in recruitment processes 

(Tsiskaridze et al., 2023). 
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Overall, generative AI not only optimizes recruitment workflows but also 

empowers HR professionals to focus on strategic tasks such as talent development and 

organizational planning, rather than being bogged down by administrative burdens. By 

addressing traditional challenges such as inefficiencies, biases, and communication gaps, 

generative AI is paving the way for a more inclusive, efficient, and data-driven future in 

HRM. 

2.5 Generative AI in Workforce Planning and Management 

Integrating generative AI into workforce planning and performance management 

offers profound enhancements that can significantly transform operational efficiency, 

decision-making processes, and overall employee satisfaction. One of the most notable 

advantages of employing generative AI is its capability to analyze extensive historical 

workforce data, enabling organizations to derive predictive insights. This analysis allows 

companies to anticipate future labor demands, uncover skill gaps within their teams, and 

allocate resources in a more strategic and effective manner. For instance, advanced 

generative AI models can utilize data on market trends, employee performance, and 

seasonal fluctuations to accurately forecast staffing needs for the future. This gives 

managers a competitive edge, allowing them to make proactive and informed decisions 

about their workforce strategy (Chen et al., 2023). 

Furthermore, these AI-driven tools significantly enhance organizational decision- 

making by delivering real-time analytics. Such capabilities empower businesses to 

foresee potential challenges and formulate tailored solutions that meet their unique 

workforce requirements. By continuously monitoring external market dynamics and 

internal performance indicators, generative AI equips organizations with the insights 

needed to adapt quickly and efficiently (Kumar et al., 2024). 
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In the realm of performance management, generative AI’s ability to personalize 

and automate processes stands out as a substantial benefit. By evaluating individual 

performance metrics, AI can craft customized development plans that highlight specific 

areas for improvement and suggest targeted training opportunities. This not only 

facilitates continuous, data-driven feedback for employees but also promotes an 

organizational culture that prioritizes growth and accountability. Such an environment 

ensures that employees are aligned with their goals and have a clear pathway for 

achieving them. Moreover, generative AI-powered evaluation systems help mitigate 

biases commonly associated with traditional performance assessments by relying on 

objective performance data rather than subjective opinions. This shift leads to fairer and 

more transparent evaluations, which can enhance trust and motivation among employees 

(Bankins et al., 2023). Additionally, by automating routine administrative tasks such as 

performance reviews, employee scheduling, and report generation, managers can reclaim 

valuable time to dedicate to strategic initiatives that are crucial for organizational growth. 

The impact of generative AI on productivity and engagement within the 

workforce is equally impressive. Tools like ChatGPT have demonstrated their 

effectiveness in enhancing professional productivity by streamlining various tasks, 

including drafting reports, planning workflows, and generating meaningful insights. This 

streamlining results in faster task completion times and improved output quality (Noy & 

Zhang, 2023). Such tools can be particularly beneficial for newer or less experienced 

employees, as they facilitate the dissemination of institutional knowledge and support a 

faster adaptation process to the work environment, ultimately leading to improved team 

efficiency. Furthermore, AI-powered sentiment analysis and feedback systems provide 

managers with vital information regarding employee engagement levels, allowing them 

to proactively address concerns and tailor communication strategies to individuals or 
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teams. This approach not only enhances employee satisfaction and retention rates but also 

fosters a cohesive and motivated workforce (Chetty, 2023). 

From a financial perspective, generative AI proves to be a powerful cost-saving 

tool. By automating repetitive administrative tasks such as attendance tracking, payroll 

processing, and resource allocation, organizations can significantly reduce overhead costs 

while ensuring that resources are utilized in a manner that maximizes their impact. The 

scalability and flexibility of generative AI further enhance its value, as these systems can 

be readily adapted to meet the needs of both small teams and large enterprises. For 

example, AI systems can simulate various workforce scenarios, allowing leaders to 

experiment with different strategies and optimize resource allocation without incurring 

additional expenses (Mohamed et al., 2023). This adaptability positions generative AI as 

an indispensable asset for organizations striving to future-proof their workforce planning 

and management strategies. 

In summary, the integration of generative AI into workforce planning and 

performance management equips organizations with robust tools to operate more 

strategically and efficiently. By harnessing AI-driven insights, personalized performance 

improvement tools, and streamlined automation processes, businesses can bolster 

productivity, achieve significant cost savings, and cultivate a more engaged and capable 

workforce. While the advantages of this technology are substantial, organizations must be 

mindful of potential challenges that may arise, including ensuring data privacy, 

addressing bias within AI models, and providing comprehensive training for both 

employees and managers on how to effectively utilize these innovative tools. As 

generative AI technology continues to evolve and mature, it holds the promise to redefine 

the landscape of workforce management, ultimately driving organizational success and 

longevity. 
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2.6 Ethics of Generative AI in HR Decision-Making 

Generative AI’s integration into decision-making in Human Resource 

Management (HRM) presents profound ethical implications that demand careful 

consideration. One of the most significant concerns is bias and discrimination. Generative 

AI models are trained on historical data, which may embed existing societal or 

organizational biases. When these systems are applied in processes like recruitment or 

performance evaluations, they can unintentionally perpetuate or amplify discrimination, 

particularly against underrepresented groups. For example, candidate ranking algorithms 

might prioritize individuals from overrepresented demographics because of biased 

patterns in the training data. This can lead to unfair hiring practices and a lack of 

diversity within organizations. To mitigate these risks, organizations must prioritize 

algorithmic fairness, invest in bias detection mechanisms, and ensure that the data used 

for training AI models is representative and unbiased (Mujtaba and Mahapatra, 2019). 

Another critical ethical challenge is privacy. HRM decision-making often 

involves the use of sensitive employee information, such as performance records, health 

data, or personal identifiers. Generative AI systems must adhere to stringent privacy 

regulations like the General Data Protection Regulation (GDPR) to ensure that this data is 

not misused or accessed without authorization. However, the complexity of AI systems 

can make it difficult to monitor data usage, raising the risk of breaches or inappropriate 

applications of personal information. For instance, generative AI could inadvertently 

generate insights or outputs that reveal confidential details, violating employees’ privacy 

and trust. To address this, organizations must implement robust data protection protocols, 

limit access to sensitive data, and ensure AI systems are designed with privacy-by-default 

principles (Kenthapadi et al., 2023). 
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Transparency and accountability are also significant ethical concerns. Generative 

AI models often operate as "black-box" systems, meaning their decision-making 

processes are not easily interpretable. This lack of transparency can make it difficult for 

HR professionals to understand why certain decisions were made, such as why a 

candidate was deemed unfit for a role or why a specific recommendation was provided. 

Without clear explanations, employees and candidates may perceive decisions as 

arbitrary or biased, eroding trust in the HR process. Additionally, accountability becomes 

a critical issue: who is responsible when an AI system makes an error, such as 

recommending a discriminatory action? Organizations must establish clear accountability 

frameworks and prioritize the development and deployment of explainable AI systems 

that provide transparent and understandable insights into their decision-making processes 

(Kenthapadi et al., 2023; Zohny et al., 2023). 

Moreover, there are concerns about over-reliance on AI and the dehumanization 

of HR processes. Generative AI can lead to a reduction in human involvement in critical 

decision-making, potentially stripping HR practices of empathy and context-specific 

judgment. For example, decisions about hiring, promotions, or layoffs made solely by AI 

systems may fail to consider nuanced factors that require human empathy and discretion. 

This mechanization of HR processes risks alienating employees and reducing trust in the 

organization. Organizations must balance the use of AI with human oversight to ensure 

that decisions are both efficient and empathetic (Hill and Narine, 2023). 

In summary, while generative AI offers promising efficiencies and capabilities for 

HRM, its ethical implications are substantial. Addressing these challenges requires a 

commitment to transparency, fairness, privacy, and human oversight. By proactively 

implementing  ethical  safeguards  and  fostering  accountability,  organizations  can 



30  

responsibly harness generative AI’s potential while minimizing risks to employees and 

candidates. 

2.7 Barriers to Generative AI Adoption in HR 

Implementing generative AI in Human Resource Management (HRM) introduces 

a multitude of challenges that organizations must navigate, particularly concerning 

financial investment and technological preparedness. The financial implications of 

adopting generative AI can represent a significant hurdle for many businesses, especially 

for small and medium-sized enterprises (SMEs) that often operate with limited budgets 

(Chowdhury et al., 2024). 

The initial costs associated with adopting generative AI encompass a range of 

expenditures, including the purchase of specialized hardware and software solutions 

tailored to HR functions. Organizations must also budget for the integration of AI 

systems into their existing workflows, ensuring that these tools work seamlessly with 

current processes and infrastructure. Training AI models for specific HR applications, 

such as talent acquisition and performance evaluation, requires not just initial 

development costs, but ongoing investments to keep these models up-to-date. This is 

crucial, as generative AI systems demand regular retraining to maintain their 

effectiveness, especially in dynamic environments that frequently evolve (Barcaui and 

Monat, 2023). 

Moreover, the necessity for a robust technological infrastructure to support the 

deployment of large-scale AI applications adds further financial strain. This includes 

investments in cloud storage solutions and high-performance computational resources, 

which can be particularly expensive for organizations that do not already possess these 

capabilities. For many organizations, especially those with constrained budgets, the 

substantial financial obligations associated with AI adoption may lead them to forgo such 
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innovations in favor of traditional HR practices. Unfortunately, these conventional 

methods may lack the efficiency, accuracy, and innovative potential that AI-driven 

approaches can deliver, thus leaving organizations at a competitive disadvantage 

(Aldoseri et al., 2023). 

In addition to financial considerations, technological readiness plays a pivotal role 

in the successful implementation of generative AI in HRM. To leverage the full potential 

of AI tools, organizations require a comprehensive and robust technological 

infrastructure capable of advanced data processing and analytics. However, many 

businesses find themselves hindered by outdated IT systems and a lack of integration 

capabilities. For instance, legacy systems prevalent in HR departments may not be 

compatible with contemporary generative AI models, necessitating costly upgrades or 

complete overhauls of existing infrastructure (Singh et al., 2024). 

The shortage of skilled personnel to operate and manage AI systems further 

complicates matters. Organizations often face significant challenges in recruiting and 

retaining professionals with the requisite expertise, such as data scientists, AI specialists, 

and IT engineers. This skills gap is particularly apparent in industries or geographical 

areas where AI knowledge is scarce, delaying the adoption of AI technologies and 

diminishing the prospective benefits these innovations promise to deliver (Alhosani and 

Alhashmi 2024). 

Furthermore, the intricate process of integrating generative AI into established 

HR workflows raises additional barriers to successful implementation. Many HR 

departments may not possess the necessary technological culture or digital readiness to 

fully embrace such a transformative technology. Resistance to change can originate from 

various stakeholders, including organizational leadership hesitant about AI's reliability 

and skepticism towards its transformative potential. Employees may harbor fears 
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regarding job security in light of automation, potentially resulting in decreased morale 

and reluctance to engage with new AI tools (Almatrodi and Alojail, 2023). 

To effectively address the challenges associated with these fears and hesitations, 

organizations must undertake a multifaceted approach that includes not only investments 

in technology but also comprehensive change management strategies. This encompasses 

developing training programs aimed at equipping staff with the necessary skills to utilize 

AI tools effectively, alongside proactive communication initiatives designed to build trust 

and confidence in AI systems among employees (Mansaray 2019). 

In conclusion, while generative AI holds remarkable potential to revolutionize 

HRM by automating repetitive tasks, enhancing decision-making processes, and 

improving employee experiences, substantial barriers in the form of financial constraints 

and technological readiness must be addressed. To navigate these challenges 

successfully, organizations should conduct thorough evaluations of their budgets, 

infrastructure, and workforce capabilities. By engaging in strategic planning for AI 

adoption and committing to investments in the necessary resources, training, and change 

management, organizations can surmount these barriers and fully harness the 

transformative capabilities of generative AI within their HRM practices. 

2.8 Summary 

The integration of artificial intelligence (AI) into business practices has been an 

ongoing evolution, fundamentally transforming various organizational functions, 

including operations, customer service, marketing, and human resource management 

(HRM). Within HRM, the application of AI technologies has significantly enhanced 

traditional approaches, leading to notable advancements in decision-making, process 

management, and employee engagement, as detailed by Brynjolfsson and McAfee 

(2014). The influence of AI in HRM encompasses a wide array of functions, including 
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talent acquisition, employee onboarding, training and development, performance 

evaluation, and effective strategies for employee retention, as highlighted by Cappelli 

(2019). The incorporation of AI into HR practices signifies a critical shift toward systems 

that are more data-driven, personalized, and adaptable, effectively addressing the 

evolving needs of both employees and the dynamic business environment (Brynjolfsson 

and McAfee, 2014). 

A significant benefit of AI in HRM is process automation, which effectively 

transforms routine administrative tasks into more efficient procedures. AI technologies 

enable automation in areas such as payroll processing, compliance management, and data 

entry—tasks that historically required substantial time and resources from HR 

professionals. By automating these processes, organizations not only improve operational 

effectiveness but also enhance the precision of HR-related activities. Consequently, HR 

professionals can pivot their focus to more strategic responsibilities, such as crafting 

talent management strategies, enhancing employee engagement, and nurturing a positive 

organizational culture, as discussed by Chui et al. (2018). Furthermore, AI-driven 

systems have revolutionized recruitment by efficiently analyzing extensive volumes of 

candidate data, enabling a more accurate match between prospective candidates and job 

specifications. This capability not only enhances the quality of hires but also significantly 

expedites the recruitment process, as noted by Cappelli (2019). 

Beyond automation, AI empowers organizations to bolster their decision-making 

capabilities through the provision of data-driven insights. Advanced machine learning 

models are capable of scrutinizing vast datasets to detect patterns and forecast future 

trends, equipping HR managers with the information needed to make informed decisions 

regarding recruitment, employee development, and retention strategies. For instance, AI 

can effectively identify employees who may be at risk of leaving the organization, which 
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allows HR to implement proactive measures aimed at retaining valuable talent, as 

highlighted by Chui et al. (2018). Moreover, AI’s capacity to assess employee sentiment 

through natural language processing (NLP) and sentiment analysis provides further 

enhancement in engagement initiatives. These technologies yield insights into employee 

well-being, enabling HR to deploy more personalized and effective interventions, as 

discussed by Brynjolfsson and McAfee (2014). 

The advent of generative AI, a specialized branch of AI, heralds additional 

capabilities that extend beyond traditional AI applications by enabling the creation of 

new and original content, spanning text, images, and even music (Goodfellow et al., 

2014). Unlike conventional AI systems that focus primarily on recognizing patterns in 

pre-existing data, generative AI introduces the ability to produce innovative material, 

thus serving as a powerful asset in HRM. For example, generative AI can significantly 

transform various recruitment processes, including the evaluation of resumes and the 

sourcing of candidates. By developing sophisticated algorithms that identify the best-fit 

candidates for specific roles, generative AI leads to more efficient and equitable hiring 

practices, as noted by Mehta et al. (2020). Additionally, this technology can create 

tailored training programs that adapt content according to individual learning styles, 

ultimately enhancing both employee development and retention rates (Nguyen et al., 

2021). 

The applications of generative AI in HRM also extend to knowledge 

management, enabling the creation of customized learning resources. By leveraging 

generative AI, organizations can offer personalized training programs that directly 

address the unique learning needs of each employee, thereby enhancing overall 

productivity and effectiveness within the workforce (Fleming, 2022). This technology 

allows for the dynamic adjustment of training materials in alignment with the pace and 
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preferences of individual employees, fostering a robust learning culture and ensuring that 

the workforce remains adept with relevant skills. 

The pivotal role of HRM in steering organizational success has become 

increasingly intertwined with innovative approaches aimed at addressing contemporary 

challenges in talent management, employee retention, and performance optimization. As 

organizations confront complex challenges associated with managing an increasingly 

global and diverse workforce, generative AI presents substantial opportunities for 

groundbreaking innovation. By automating repetitive tasks, improving decision-making 

processes, and personalizing employee training, generative AI equips HR departments 

with vital tools to enhance operational efficiency and propel organizational growth. 

In conclusion, this study seeks to delve deeply into the opportunities and 

challenges tied to the integration of generative AI in HRM. It aims to investigate practical 

applications of generative AI and its potential to transform traditional HR practices 

significantly. By gaining insights into the transformative capabilities of generative AI, 

HR departments can explore new pathways for effective talent management, enriched 

employee development, and enhanced overall organizational performance. 
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CHAPTER III: 

METHODOLOGY 

3.1 Overview of the Research Problem 

The research problem focuses on the transformative potential of Generative AI in 

Human Resource Management (HRM), particularly in enhancing key HR functions like 

recruitment, training, performance evaluation, and employee engagement. Traditional HR 

processes are often hindered by manual tasks, limiting efficiency and the ability to meet 

organizational needs. Generative AI offers an opportunity to automate and improve these 

processes, enabling HR departments to provide personalized experiences, such as 

customized training, streamlined recruitment, and more efficient performance 

evaluations. However, challenges such as limited knowledge, ethical concerns, and 

resource constraints have prevented many organizations from fully integrating AI. This 

research aims to explore the opportunities and challenges of adopting generative AI in 

HRM, addressing how it impacts recruitment, training personalization, employee 

retention, performance evaluation accuracy, and employee engagement. By examining 

these aspects, the study seeks to provide insights into how AI can reshape HR practices, 

helping organizations improve operational efficiency, enhance employee satisfaction, and 

create a more adaptive, future-ready workforce, while balancing innovation with ethical 

considerations and a positive workplace culture. 

3.2 Approaches for Investigating Research Questions 

RQ1: What specific factors (e.g., response time, engagement) are most 

affected by generative AI in recruitment? 

The existing literature often addresses AI's general application in recruitment, 

focusing on the automation of resume screening and candidate matching (Dastin, 2020). 

However, limited research evaluates specific, measurable factors such as response times, 
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candidate engagement, and hiring diversity, particularly in the context of generative AI. 

This research addresses this gap by analyzing how generative AI influences these factors, 

providing insights into its ability to enhance recruitment efficiency while maintaining a 

user-friendly approach for candidates and HR professionals. 

RQ2: Personalization generative AI in training personalization affects 

personalization rates and training completion outcomes compared to traditional 

training methods? 

Current studies explore AI-based training solutions but primarily focus on static 

e-learning tools without examining generative AI's dynamic ability to customize content- 

based or customised learning preferences (Nguyen et al., 2021). Furthermore, there is 

insufficient empirical evidence linking generative AI-driven personalization to 

measurpersonalizationuch as employee retention and training completion rates. This 

research bridges the gap by evaluating the tangible impacts of generative AI on 

personalized training, highlighting its potential to enhance employee satisfaction and 

long-term skill development. 

RQ3: How accurately can generative AI predict employee performance 

outcomes, and how do these predictions align with actual performance metrics? 

While performance evaluation research has explored predictive analytics, it often 

neglects the advanced capabilities of generative AI in identifying nuanced patterns and 

trends (Chen et al., 2023). Additionally, limited attention is given to how AI-driven 

predictions compare with actual performance metrics in real-world settings. This research 

addresses these gaps by examining the accuracy of generative AI predictions, their 

alignment with objective performance outcomes, and their ability to support fair, 

transparent, and data-driven evaluations. 
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RQ4: How does AI-enhanced HR support instant query responses and 

personalized onboarding, personalized engagement, and satisfaction levels? 

The literature often discusses AI in HR support but fails to explore the user- 

centred aspects of generative AI's impact on daily employee interactions, including 

engagement and satisfaction (Jeong, 2023). There is a lack of focus on how personalized 

AI-driven, such as real-time query handling and onboarding, influences employee 

perceptions of organizational support. Technology fills the gap by comprehensively 

analyzing generative, creating engaging and supportive HR experiences, and fostering 

stronger employee connections and workplace culture. 

3.2 Research Design 

This study explores the impact of generative AI on Human Resource Management 

(HRM), focusing on four key areas: recruitment, training, performance evaluation, and 

employee engagement. As AI tools become more integrated into HR processes, it's 

essential to understand how they affect HR professionals, employees, and the overall 

efficiency of HR practices. The research will provide insights into how AI can improve 

recruitment, personalize training, enhance performance evaluations, and increase 

employee engagement. 

The study will address several objectives. First, it will examine how AI improves 

recruitment—particularly efficiency, time-to-hire, and satisfaction with automated 

features like resume screening. It will also explore how AI helps personalize employee 

training and how this might affect motivation and knowledge retention. The study will 

examine whether managers and employees perceive AI-generated performance 

evaluations as fair, accurate, and valuable. Finally, the research will investigate how AI- 

powered HR support, such as chatbots and automated responses, affects employee 

engagement and satisfaction with HR services. 
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The research is based on the hypothesis that AI will significantly improve 

recruitment efficiency, enhance training personalization, provide more accurate and fair 

performance evaluations, and increase employee engagement through better HR support. 

It will test these hypotheses by gathering data from HR professionals, managers, and 

employees working in organizations that already use generative AI tools. 

This study will use a quantitative approach, relying on surveys to collect data. HR 

professionals, managers, and employees from companies implementing AI tools in their 

HR operations will be invited to participate. The survey will be sent online and include 

demographic questions (like role, department, and experience with AI tools) and specific 

questions related to each of the study's objectives. Respondents will rate statements on a 

5-point Likert scale, from "Strongly Disagree" to "Strongly Agree." 

Once the data is collected, it will be analyzed using descriptive statistics (such as 

averages and percentages) to understand the general trends in the responses. The study 

will also use inferential statistics (like Chi-square tests) to determine if there are 

significant differences between the responses of HR professionals, employees, and 

managers. This will help test whether AI truly has the impact it is assumed to have on the 

various HR functions. 

Ethically, participants will be fully informed about the purpose of the study and 

their right to remain anonymous. They will be assured that their participation is voluntary 

and that their responses will be confidential. The survey will not affect their job status or 

relationship with the organization, so there are minimal risks involved in taking part. 

That said, the study does have some limitations. The sample might only represent 

some organizations since it will focus on those already using AI in HR, which could lead 

to bias. The findings may not apply to organizations still in the early stages of AI 

adoption or those not using AI in HR. 
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The study will take around 10-12 weeks to complete. The first two weeks will be 

dedicated to reviewing the literature, followed by one week to design the survey. Data 

collection will take about 3-4 weeks, and then two weeks will be spent analyzing the 

results. Finally, the report will be written in the last three weeks, with a final review and 

submission in the final week. 

The results of this research are expected to provide valuable insights for 

organizations looking to adopt or optimize AI tools in HR. By exploring how AI affects 

recruitment, training, performance evaluation, and employee engagement, the study will 

offer practical recommendations for improving HR processes and enhancing employee 

satisfaction through AI-powered solutions. 

3.3 Recruitment Process Improvement through Generative AI 

3.3.1 Research Question of Objective 1 

Research Question: What specific factors (e.g., response time, engagement) are 

most affected by generative AI in recruitment? 

This question investigates how generative AI enhances recruitment by automating 

tasks such as resume screening, candidate shortlisting, and scheduling. The focus is on 

identifying measurable improvements in response time, candidate engagement, and 

overall hiring efficiency compared to traditional methods. Understanding these factors 

will provide actionable insights for optimizing AI tools in recruitment. 

3.3.2 Methodology for Research Question 1 

To address this question, the research will use a quantitative approach: 

Data Collection: Recruitment data from organizations implementing generative 

AI in their hiring processes will be collected. Key data points will include response times, 

candidate engagement metrics (e.g., interaction rates with AI-driven chatbots), and time- 
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to-hire. Surveys will be conducted with HR professionals to gather insights into their 

experiences and satisfaction levels with generative AI tools. 

a. Response Time: Time taken to respond to candidates during the 

recruitment process (pre- and post-AI implementation). 

b. Engagement Metrics: Candidate interaction rates with AI tools (e.g., 

chatbots or automated communication). 

c. Time-to-Hire: Total time taken from job posting to candidate hiring. 

d. Diversity Metrics: Representation of diverse candidates in shortlisted and 

hired groups. 

e. HR Feedback: Survey data from recruiters on ease of use and satisfaction 

with AI-driven recruitment tools. 

Analysis Techniques: Statistical techniques such as regression analysis and paired 

t-tests will be employed to compare the efficiency of recruitment processes before and 

after AI implementation. 

i. Comparative Analysis: To determine statistical significance, time-to-hire 

and response times were compared pre- and post-AI implementation using 

paired t-tests. 

ii. Engagement Metrics: Regression analysis was applied to explore the 

relationship between AI usage and candidate engagement levels. 

iii. Diversity Analysis: Chi-square tests were used to assess whether AI had a 

measurable impact on the diversity of shortlisted candidates. 

iv. HR Feedback Surveys: Descriptive statistics (e.g., mean, median) and 

thematic analysis of open-ended survey responses provided insights into 

HR professionals’ experiences. 
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Expected Outcome: The results will identify how generative AI impacts the 

speed, engagement, and effectiveness of recruitment and provide actionable 

recommendations for optimizing its use in hiring. 

Further the adoption of generative AI in recruitment transforms how HR 

professionals manage hiring processes and how candidates experience job applications. 

This objective focuses on exploring how AI improves recruitment tasks for HR teams and 

enhances candidates' experiences throughout the hiring journey. 

For HR professionals, one of the most significant benefits of generative AI is its 

ability to automate time-consuming tasks such as resume screening and candidate 

shortlisting. In traditional recruitment, HR teams often need help reviewing hundreds or 

even thousands of resumes, which is time-consuming and prone to human error. AI- 

driven tools can quickly scan resumes, identify the most qualified candidates based on 

predefined criteria like experience, skills, and qualifications, and automatically rank 

them. This saves time and ensures that HR professionals can focus on higher-value tasks 

such as interviewing and decision-making. The automation of these repetitive tasks leads 

to a reduction in the time-to-hire, enabling companies to fill positions more quickly and 

efficiently. 

In addition to screening resumes, AI can help with candidate matching. Using 

machine learning algorithms, AI tools analyze the job description and candidate profiles 

to find the best fit. These algorithms look for key terms, experiences, and qualifications 

that align with the job's requirements, increasing the accuracy of candidate matching. 

This reduces the chances of hiring mismatches and ensures that only the most suitable 

candidates are considered for the role. By leveraging AI for candidate matching, HR 

professionals can improve the quality of their hiring decisions, ultimately benefiting the 

organization by ensuring a better cultural and professional fit for each role. 
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AI also enhances candidate communication, which has traditionally been manual 

and time-consuming. AI tools like chatbots can handle various candidate inquiries, 

provide real-time updates on application status, respond to frequently asked questions, 

and send interview invitations or reminders. By automating these communications, HR 

teams can deliver faster responses to candidates, improving their overall experience. 

These AI tools also organize the recruitment process, ensuring that HR teams and 

candidates are on the same page. The study will assess how HR professionals perceive 

the value of AI in automating these tasks and whether it helps streamline their workflow. 

For candidates, AI offers a more efficient and user-friendly recruitment 

experience. One of the primary ways AI benefits candidates is through automated 

interview scheduling. Traditional interview scheduling often requires several back-and- 

forth communications between candidates and HR, leading to delays and confusion. AI- 

driven scheduling tools allow candidates to select an interview time from a set of 

available slots, eliminating manual coordination. This leads to a smoother, faster 

scheduling process and reduces the likelihood of scheduling conflicts. Additionally, AI 

tools can automatically remind candidates about upcoming interviews, ensuring they 

don't miss important dates. 

AI also improves transparency and timeliness during the recruitment process. 

Candidates are often left wondering about the status of their application, leading to 

frustration and disengagement. AI tools can keep candidates informed in real time about 

their application status, the next steps in the process, and any updates related to their 

candidacy. This constant communication can help candidates feel more involved and 

respected throughout the process. Moreover, AI-driven systems can quickly respond to 

candidate queries, making the overall experience more engaging and less stressful. 
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This objective will assess candidates' satisfaction with AI tools that automate the 

recruitment process. The study will measure whether AI-driven recruitment tools make 

the process more transparent, efficient, and responsive and whether these improvements 

lead to greater candidate satisfaction. Specifically, it will examine how features like 

automated scheduling, real-time updates, and timely notifications impact the candidate's 

overall experience. 

The research will focus on several key aspects to evaluate the impact of AI on the 

recruitment process. First, it will look at the efficiency and speed of AI in handling tasks 

such as resume screening, candidate matching, and interview scheduling. It will also 

assess the accuracy of AI in matching candidates with the right roles by comparing the 

effectiveness of AI-generated matches to traditional methods. Additionally, the study will 

evaluate HR professionals' satisfaction with AI tools, particularly regarding the 

automation features that reduce manual work. Finally, the research will examine the 

candidate experience, measuring whether AI-driven tools improve the overall ease of 

navigation, timeliness, and transparency throughout the recruitment journey. 

3.4 AI’s Impact on Employee Training Personalization and Retention 

3.4.1 Research Question of Objective 2 

Research Question: How does the integration of generative AI into personalized 

training programs influence employee retention rates and completion outcomes compared 

to traditional training methods? This inquiry delves into the transformative potential of 

generative AI in constructing uniquely tailored training experiences that cater to 

individual employees' distinct learning needs and preferences. The objective is to 

investigate how these customized approaches enhance employee engagement and 

motivation and improve completion rates and retention when juxtaposed with static, one- 

size-fits-all training programs. Ultimately, the findings are anticipated to illuminate the 
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significant benefits of harnessing AI to cultivate long-term skill development and 

increase employee job satisfaction. 

3.4.2 Methodology Research Question 2 

Data Collection: Comprehensive training data will be systematically gathered 

from organizations that have adopted generative AI to create personalized learning 

pathways for their employees. Key performance metrics will include training completion 

rates, employee retention rates, and qualitative feedback regarding the perceived 

relevance and impact of the training. A thorough analysis will compare data collected 

before and after implementing these personalized training strategies. 

a. Training Completion Rates: Percentage of employees completing training 

programs (traditional vs. AI-personalized). 

b. Retention Rates: Employee retention rates over 12 months post-training. 

c. Learning Engagement Metrics: Employee interaction rates with AI- 

personalized training modules (e.g., time spent on modules). 

d. Employee Feedback: Survey responses on training relevance, satisfaction, 

and perceived learning outcomes. 

Analysis Techniques: To evaluate the effectiveness of the different training 

approaches, a comparative ANOVA analysis will be conducted to identify any 

noteworthy differences in outcomes between traditional training methods and those 

enhanced by AI personalization. Furthermore, a correlation analysis will examine the 

relationships between varying degrees of training personalization and employee retention 

rates, providing deeper insights into how personalization impacts engagement and 

success. 

i. ANOVA: Used to compare training completion and retention rates across 

groups (traditional vs. AI-personalized training). 
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ii. Correlation Analysis: Assessed relationships between training 

personalization and engagement metrics and retention outcomes. 

iii. Survey Analysis: Likert scale survey responses were analyzed using mean 

scores and standard deviations, while qualitative responses were 

categorized using thematic analysis. 

Expected Outcome: This section seeks to vividly demonstrate how the innovative 

personalization capabilities of generative AI can significantly influence critical employee 

learning outcomes, retention rates, and overall job satisfaction. By providing meaningful 

insights into optimizing training programs, the findings aim to encourage organizations to 

adopt more adaptive and employee-centred training methodologies for enhanced 

performance and satisfaction. 

Generative AI is increasingly transforming the landscape of employee training by 

making it more personalized and engaging. One primary way AI impacts training is by 

enabling customized learning experiences. Traditional training programs typically adopt a 

one-size-fits-all approach, offering the same content to all employees, regardless of their 

needs, learning styles, or skill levels. However, AI-driven training systems can analyze 

employees' learning history, skills, and preferences to tailor content that fits their 

requirements. This allows employees to receive directly relevant training, making the 

learning experience more effective and efficient. For example, AI can adjust the difficulty 

level of the content based on the learner's progress, ensuring that the training neither 

overwhelms nor bores the employee. If a learner struggles with a particular concept, AI 

can provide additional support, while employees progressing quickly can be directed to 

more advanced material. This personalization increases the likelihood that employees 

will engage with and complete the training, as they feel the content is more relevant to 

their career development. 
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AI-powered systems also help improve employee motivation. Traditional training 

methods can sometimes be disengaging or monotonous, especially when the material is 

irrelevant to the learner's immediate needs. By tailoring the content to the employee's 

level of expertise and career goals, AI creates a learning experience that is both 

challenging and rewarding. Additionally, AI can offer real-time feedback, helping 

employees identify areas where they excel and need improvement. This immediate 

feedback loop fosters a sense of accomplishment and encourages employees to continue 

learning. Moreover, AI systems can integrate gamification elements—such as earning 

points, badges, or progressing through levels—that motivate employees to stay engaged 

and complete their training. Gamified training, especially in challenging areas, can make 

learning feel more like a fun and rewarding experience rather than a chore. 

Another significant benefit of AI-driven training is its impact on knowledge 

retention. Traditional training programs often rely on one-time sessions that fail to 

reinforce learning over time. In contrast, AI-driven systems can provide continuous 

learning opportunities and incorporate techniques such as spaced repetition, which helps 

employees retain information more effectively. Spaced repetition involves revisiting 

material at intervals, which has been shown to improve long-term memory retention. AI 

tools can automatically schedule review sessions or quizzes at strategic points to ensure 

employees retain the knowledge gained during training. By doing so, AI helps reinforce 

critical skills, ensuring that the knowledge learned during training is remembered but can 

be applied effectively in the employee's daily tasks. 

Moreover, AI enhances engagement by providing interactive learning experiences 

beyond traditional reading materials or passive video lectures. AI can offer virtual 

simulations, augmented reality (AR) experiences, and adaptive learning games, making 

training more immersive and practical. For example, in a customer service training 
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program, employees could interact with a virtual customer, practising how to handle 

different situations in real-time. These simulations improve engagement and allow 

employees to practice their skills in a risk-free environment, gaining valuable hands-on 

experience. Such interactive training methods increase confidence and help employees 

apply what they have learned in a realistic context, making them better prepared to 

handle real-world challenges. 

The wealth of data analytics further supports the effectiveness of AI-driven 

training it generates. AI tools track various metrics, such as training progress, completion 

rates, quiz scores, and time spent on specific modules. This data allows HR departments 

to measure the effectiveness of training programs, identify areas where employees are 

struggling, and adjust the content as needed. The ability to monitor employee progress in 

real time gives HR teams valuable insights into how healthy employees are absorbing the 

material and whether the training is achieving its intended goals. For instance, if a 

significant portion of employees is not performing well in a specific module, the AI 

system can recommend additional resources or adjust the difficulty level. These insights 

can also help HR teams refine and customize training programs to improve their overall 

impact. 

From the employees' perspective, AI-driven training is more satisfying because it 

feels relevant and tailored to their learning needs and career aspirations. When employees 

perceive training as valuable and directly applicable to their job responsibilities, they are 

likelier to stay engaged and apply the knowledge learned daily. The personalization 

provided by AI increases engagement and boosts employee satisfaction, as employees 

feel that the organization is investing in their development and helping them achieve their 

career goals. This satisfaction can lead to better job performance, increased productivity, 
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and greater loyalty to the company, as employees are more likely to stay with an 

organization that helps them grow professionally. 

Furthermore, AI tools play a significant role in employee retention. By offering 

continuous learning opportunities and personalized development paths, AI helps 

employees feel supported in their professional growth, which can positively affect overall 

job satisfaction and retention rates. Employees who feel they are consistently developing 

their skills are more likely to remain with an organization as they perceive it as an 

environment that values their growth and career advancement. AI-driven training 

programs encourage employees to keep learning, reducing the risk of skill stagnation and 

helping employees stay competitive. This approach fosters a culture of continuous 

learning, where employees are encouraged to continually upskill and adapt to new 

challenges, benefiting both the employee and the organization. 

In conclusion, AI is reshaping employee training by offering personalized 

learning experiences tailored to each employee's unique needs and learning styles. By 

increasing motivation, engagement, and knowledge retention, AI makes training more 

effective and enjoyable. The ability to provide continuous, adaptive learning ensures that 

employees retain and apply the knowledge they gain over time. AI also enables HR teams 

to measure and improve the effectiveness of training programs through detailed analytics, 

helping organizations ensure that their training efforts lead to tangible outcomes. 

Ultimately, AI-driven training helps employees grow and succeed and contributes to 

higher employee satisfaction, retention, and overall organizational performance. 

3.5 Predictive Accuracy of AI in Performance Evaluation 

3.5.1 Research Question of Objective 3 
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Research Question: How accurately can generative AI predict employee 

performance outcomes, and to what extent do these predictions correspond with actual 

performance metrics? 

This inquiry seeks to explore the reliability of generative AI systems in 

forecasting employee performance by meticulously analyzing historical data and real- 

time inputs. The primary objective is to assess the alignment between AI-generated 

assessments and observed performance results. By doing so, this research aims to provide 

a fair and transparent alternative to conventional, often subjective employee evaluation 

methods. Ultimately, the study seeks to foster greater trust in AI-driven processes and 

enhance decision-making within human resources practices. 

3.5.2 Methodology Research Question 3 

Data Collection: To carry out this research, a comprehensive dataset will be 

compiled, including performance data derived from AI-driven evaluations. This dataset 

will encompass AI-generated predictions of employee performance, historical 

performance records, and actual employee outcomes over defined periods. Additionally, 

qualitative insights will be gathered through interviews with managers, offering deeper 

context regarding the applicability and effectiveness of the insights generated by AI tools 

in real-world settings. 

1. AI Predictions: Performance scores generated by generative AI for 

employees. 

2. Actual Performance Metrics: Real-world employee performance data, 

including productivity, project outcomes, and customer satisfaction scores. 

3. Manager Feedback: Surveys capturing manager perceptions of the fairness 

and usefulness of AI predictions. 
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Analysis Techniques: The accuracy of the generative AI predictions will be 

rigorously assessed through a comparative analysis of AI-generated forecasts against 

actual performance data. This evaluation will utilize important metrics such as precision, 

recall, and F1 scores, providing a robust understanding of the model’s performance. A 

Bland-Altman analysis will strengthen the findings further and evaluate the degree of 

agreement between the predicted outcomes and the actual performance observed in 

employees. 

i. Accuracy Metrics: Precision, recall, and F1 scores were calculated to 

evaluate the accuracy of AI predictions. 

ii. Bland-Altman Analysis: Used to measure the agreement between AI 

predictions and actual performance metrics. 

iii. Manager Feedback Surveys: Quantitative survey results were summarized, 

and qualitative feedback was analyzed thematically to identify recurring 

themes. 

Expected Outcome: The outcomes of this research are anticipated to shed light on 

the reliability of generative AI in performance evaluations. They will provide valuable 

insights regarding its potential to promote greater fairness and objectivity in employee 

appraisal systems. By highlighting the strengths and limitations of generative AI in this 

context, the study could pave the way for more informed, data-driven HR practices that 

enhance overall employee assessment processes. 

Integrating generative AI in performance evaluations is revolutionizing how 

organizations assess employee performance. Traditionally, performance reviews have 

been subjective, often influenced by individual managers' biases or inconsistent criteria. 

AI addresses this issue by providing more objective, data-driven assessments that rely on 

quantifiable metrics like productivity, task completion, and goal achievement. AI-driven 
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performance evaluation systems use algorithms to analyze past performance data and 

predict future outcomes. This enables managers to make more accurate decisions 

regarding employee performance, identifying strengths and areas for improvement. For 

instance, AI can track an employee's performance over time, using historical data to 

predict their potential for future success. This predictive capability helps organizations 

take proactive steps, such as offering additional support to employees showing signs of 

declining performance or providing career advancement opportunities to those with high 

potential. 

One of the most significant advantages of AI in performance evaluations is its 

ability to improve accuracy and fairness. AI removes human biases affecting performance 

reviews, such as favouritism or unconscious bias, ensuring that all employees are 

assessed based on the same criteria. This leads to consistent and equitable evaluations 

across the organization, regardless of factors like personal relationships or managerial 

inconsistencies. AI systems use historical data and performance metrics to evaluate 

employees in a standardized way, reducing the influence of subjective judgment and 

making the process more transparent. 

Despite these benefits, some employees may be concerned about the transparency 

of AI-generated performance evaluations. Since AI systems analyze data based on 

predefined metrics and algorithms, employees may feel uncertain about evaluating their 

performance, especially if they must be aware of the data points used. This can lead to 

mistrust if employees think their work is reduced to numbers or metrics that only capture 

part of their contributions. To mitigate these concerns, organizations must ensure that the 

AI systems are transparent and that employees understand the data used to generate their 

evaluations. Managers should clearly communicate how AI tools are used in performance 

reviews and explain the assessment criteria. This transparency will help build trust in the 
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AI system and ensure that employees feel confident in the fairness of the evaluation 

process. 

AI's predictive ability is also a significant advantage in performance evaluations. 

By analyzing patterns in performance data, AI can forecast how an employee is likely to 

perform in the future. For example, if an employee has consistently exceeded 

expectations in meeting deadlines and contributing to team goals, AI can predict that they 

will continue to perform well in similar roles. On the other hand, if performance is 

declining in certain areas, AI can help managers identify this trend early, allowing them 

to intervene with targeted training or support. This predictive capability helps 

organizations move from reactive decision-making to more proactive development. 

Instead of waiting until the end of the year for an employee to receive feedback, 

managers can use AI to monitor performance throughout the year and offer feedback or 

guidance as needed. 

However, while AI can significantly enhance the accuracy and fairness of 

performance evaluations, its success depends on the balance between data-driven insights 

and human judgment. AI provides objective, quantitative analysis, but managers must 

consider the qualitative aspects of an employee's performance, such as teamwork, 

problem-solving, or creativity, which AI systems may not fully capture. To ensure that 

evaluations are holistic, AI-generated data should be combined with managerial input and 

employee feedback, offering a more comprehensive view of an employee's performance. 

Combining AI insights and human judgment can create a more balanced and effective 

performance evaluation system. 

The perception of AI-driven performance reviews by employees also plays a 

crucial role in the success of AI in this area. Employees who trust the AI system and 

understand how it works are more likely to accept and view the evaluation as fair. 



54  

However, employees may be sceptical or disengaged if the system needs to be more 

flexible or account for the full context of their work. Therefore, organizations should 

ensure that AI tools are adaptive and can be adjusted for contextual factors such as 

personal challenges or extenuating circumstances that might affect an employee's 

performance. Additionally, employees should be allowed to review and discuss their AI- 

generated performance evaluations with their managers, allowing any discrepancies or 

concerns to be addressed constructively. 

3.6 Employee Engagement and Satisfaction from AI-Enhanced HR Support 

3.6.1 Research Question of Objective 4 

Research Question: This study explores the impact of AI-enhanced human 

resources (HR) support on employee engagement and satisfaction, explicitly focusing on 

features such as instant query responses provided by chatbots and personalized 

onboarding experiences. By investigating how these AI-driven tools interact with 

employees, we hope to understand their effectiveness in fostering a more engaging and 

responsive HR environment. The research will look at various metrics related to 

employee satisfaction and the overall quality of interactions to assess whether the 

integration of generative AI contributes to cultivating a positive workplace culture and 

enhancing employees' relationships with the organization. 

3.6.2 Methodology Research Question 4 

Data Collection: We will gather data through comprehensive surveys distributed 

to employees interacting with AI-enhanced HR tools, including chatbots and AI-driven 

onboarding systems. The surveys will assess various aspects of employee experience, 

including satisfaction levels, ease of use, and perceived value of the AI tools. To ensure a 

thorough analysis, we will collect employee satisfaction scores before and after 

implementing these AI systems. Additionally, engagement metrics, such as frequency of 
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tool usage and resolution rates of inquiries, will be documented to provide a more 

interconnected view of the AI's impact. 

a. Engagement Metrics: Number of employee interactions with AI-driven 

HR tools (e.g., chatbots, onboarding platforms). 

b. Satisfaction Scores: Survey data on employee satisfaction with HR 

services (pre- and post-AI implementation). 

c. Query Resolution Times: Average time taken to resolve employee queries 

using AI vs. traditional methods. 

d. Feedback on User Experience: Qualitative feedback from employees about 

the usability and responsiveness of AI tools. 

Analysis Techniques: To analyze the collected data, we will employ descriptive 

statistics to summarize the key metrics of interest and provide an overview of employee 

responses. We will conduct pre-post implementation comparisons using paired t-tests to 

evaluate any significant changes in satisfaction and engagement levels resulting from the 

introduction of AI tools. Furthermore, regression analysis will be utilized to examine the 

potential relationships between the extent of AI use and the overall levels of employee 

engagement and satisfaction. This multifaceted approach will allow a nuanced 

understanding of how AI enhances the HR experience. 

i. Pre-Post Comparison: Engagement metrics and satisfaction scores were 

compared using paired t-tests to identify significant changes. 

ii. Regression Analysis: Examined the relationship between query resolution 

times and satisfaction levels. 

iii. Qualitative Analysis: Thematic analysis of employee feedback provided 

insights into AI-driven HR tools' perceived strengths and weaknesses. 
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Expected Outcome: The findings will demonstrate a positive correlation between 

using AI-driven HR tools and improving employee engagement and satisfaction. The 

results highlight the critical role that user-friendly design and personalized support 

systems play in maximizing the effectiveness of these AI tools. By illustrating these 

connections, the study aims to underscore the importance of strategic AI implementation 

in HR practices, ultimately contributing to a more engaged workforce and a more 

substantial alignment between employees and organizational goals. 

AI-enhanced HR support significantly transforms employee engagement and job 

satisfaction by providing more efficient, timely, personalized services. Traditional HR 

processes, such as responding to employee inquiries, scheduling interviews, or managing 

benefits, often involve delays and complex paperwork, leading to frustration and 

disengagement. With AI-driven systems, such as chatbots and automated HR portals, 

employees can get instant responses to their queries, reducing waiting times and 

improving overall satisfaction. These tools offer real-time assistance, making HR services 

more accessible and responsive and boosting employee engagement by making them feel 

heard and supported. 

One of the most notable benefits of AI in HR is its role in onboarding new 

employees. AI-powered onboarding systems streamline and personalize the process by 

automating administrative tasks like document submission and orientation schedules 

while providing new hires with customized learning materials and role-specific resources. 

This helps employees feel prepared and supported from day one, improving their early 

job satisfaction and engagement. Personalized onboarding also leads to a smoother 

transition into the company culture, which can have long-term positive effects on 

retention and employee morale. 
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AI’s ability to personalize HR services extends beyond onboarding. By tracking 

employee preferences, performance data, and learning progress, AI can offer tailored 

career development suggestions, training opportunities, and wellness programs that align 

with individual goals. For instance, an employee interested in leadership development 

can be recommended relevant courses or mentorship programs. This level of 

personalization helps employees feel that their specific needs are being met, which can 

increase motivation and commitment to the organization. Moreover, AI-driven platforms 

can manage employee benefits more efficiently, providing personalized information on 

eligibility, open enrollment periods, and wellness offerings, making employees feel more 

informed and valued. 

In addition to personalized support, AI enhances employee feedback systems. AI 

tools can automate surveys and sentiment analysis, collecting real-time employee 

feedback about job satisfaction, work environment, and management effectiveness. By 

continuously gathering data, AI enables HR teams to monitor trends and identify areas 

for improvement, helping organizations take proactive steps to address concerns before 

they escalate. This proactive engagement fosters a culture of trust, as employees feel that 

their voices are being heard and their feedback is valued. 

AI also empowers employees by providing self-service HR options. Through AI- 

powered platforms, employees can easily access information, request time off, update 

personal details, and track their benefits without going through HR personnel. This self- 

service model gives employees greater autonomy and control over their HR-related tasks, 

which enhances their overall satisfaction and engagement with the organization. When 

employees can independently manage routine tasks, it reduces friction and increases 

efficiency, allowing them to focus more on their core responsibilities. 

3.7 Population and Sample 
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The population for this study encompasses HR professionals and recruiters 

actively engaged in the recruitment and training processes within organizations that have 

adopted AI-driven tools. This broad population includes individuals from various 

industries, from technology and finance to healthcare and education, reflecting a cross- 

section of the modern workforce. The inclusion criteria are designed to capture a wide 

range of experiences with AI tools to assess their impact on recruitment efficiency, 

diversity in candidate pools, task management, and overall recruitment satisfaction. 

The sample was selected using a stratified random sampling method to ensure it 

accurately represents the larger population of HR professionals and recruiters. This 

approach helped obtain a diverse and representative sample across different sectors, 

organization sizes, and roles within the HR domain. The stratification was based on the 

industry, company size, and the extent of AI tool integration within the recruitment 

processes, ensuring that all relevant subgroups were adequately represented. 

Sample Size: The study involved 450 participants, ensuring sufficient statistical 

power to detect significant differences and associations within the data. This sample size 

was determined based on a power analysis, which considered the expected effect sizes, 

the number of comparisons, and the desired confidence level and power. 

Demographics: The demographics of the sample included a balanced 

representation of genders, a range of ages from 25 to 60, and varied levels of seniority 

from junior recruiters to senior HR executives. Additionally, the participants came from 

organizations that differed in size, from small startups (50 employees) to large 

multinational corporations (over 10,000 employees), providing insights across different 

scales of AI tool implementations. 

Data Collection: Data was collected through an online survey that participants 

completed over three months. The survey included quantitative and qualitative questions 
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designed to capture detailed perceptions of AI-driven tools' effectiveness, user 

satisfaction, and areas needing improvement. 

While efforts were made to ensure the sample was representative of the target 

population, there are inherent limitations due to the voluntary nature of participation, 

which might introduce self-selection bias. Additionally, respondents ' varying familiarity 

and experience with AI tools could affect their perceptions and responses, potentially 

influencing the study's findings. 

3.8 Participant Selection 

The objective guided the selection of participants for this study to gather data 

from a diverse range of HR professionals who use AI-driven tools in their recruitment 

processes. The participant selection was intricately planned to ensure a representative 

sample that mirrors the composition of the broader HR professional community actively 

engaged with AI tools. 

3.8.1 Participants were selected based on several criteria 

Role in HR: Participants needed to be actively involved in recruitment and HR 

decision-making processes to ensure they had firsthand experience with AI-driven tools. 

Experience with AI Tools: Only those professionals whose organizations had 

implemented AI-driven tools for at least one year were considered. This criterion ensured 

that participants had sufficient exposure to evaluate the tools effectively. 

Industry Representation: The sample included professionals from multiple 

industries, such as technology, finance, healthcare, and education, to cover a broad 

spectrum of AI tool applications in different contexts. 

Stratified random sampling was employed to ensure the comprehensive 

representation of various subgroups within the HR community. The stratification was 

based on the following dimensions: 
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Industry Sector: Ensuring participants were drawn from a balanced mix of 

industries, as AI tool implementation and impacts can vary significantly across different 

sectors. 

Company Size: Participants were selected from small (50-200 employees), 

medium (201-1,000 employees), and large companies (over 1,000 employees) to 

understand the scale impact on AI tool effectiveness. 

The study involved a total of 450 participants. The breakdown of participants is as 

follows, based on the observed distribution in responses: 

i. Agreeing with AI effectiveness: Approximately 80 participants per 

positive response category across various questions indicated a significant 

acceptance of AI tools. This subgroup formed the majority in the sample, 

reflecting the general positivity in the industry towards AI-driven tools. 

ii. Neutral Responses: Around 70 participants per neutral response category, 

providing insights into the reservations or limited experience with AI 

tools. 

iii. Disagreeing with AI effectiveness: Approximately 30 participants per 

harmful response category, offering critical perspectives on the 

shortcomings and areas for improvement in AI-driven recruitment tools. 

Despite efforts to create a balanced and representative sample, the potential for 

non-response bias exists, as the survey depended on voluntary participation. Additionally, 

as the selection was confined to professionals in organizations that have adopted AI tools, 

the experiences of those in companies without such technologies were not captured, 

which might limit the generalizability of the findings to all HR environments.. 

3.9 Instrumentation 
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Python served as a pivotal research instrument in this research, extensively 

utilized for its robust capabilities in data analysis, machine learning, and simulation tasks 

integral to understanding the impacts of AI-driven tools in HR and recruitment processes. 

Leveraging Python's vast array of libraries, such as NumPy for descriptive statistics, 

pandas for data cleaning and preparation, and SciPy for conducting statistical tests, the 

study effectively handled and analyzed complex datasets. These operations facilitated 

data preparation for machine learning models and the execution of necessary statistical 

tests to validate the research hypotheses. 

Python's sci-kit-learn library played a crucial role in developing and validating 

predictive models that assess recruitment outcomes, employing techniques such as cross- 

validation to ensure model robustness and feature selection algorithms to enhance model 

accuracy and interpretability. Furthermore, visualization tools like matplotlib and 

Seaborn were instrumental in creating insightful visual representations of the data, aiding 

in exploring response distributions, variable correlations, and the impact of AI tool 

implementation on recruitment outcomes. 

Additionally, Python was used to simulate various recruitment scenarios by 

altering parameters within the AI tool, such as candidate diversity and qualification 

criteria, to predict changes in recruitment process efficiency. This simulation helped me 

understand the potential implications of different recruitment strategies in a controlled 

environment. Python also streamlined the integration and automation processes, 

managing the extraction, transformation, and loading (ETL) of data from the AI-driven 

recruitment tool, allowing efficient and real-time data analysis. 

Overall, Python's flexibility and powerful computational abilities made it an 

indispensable tool in this study. It enabled comprehensive data manipulation, analysis, 
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and visualization, which are crucial for drawing meaningful conclusions about the 

effectiveness of AI in modern HR practices. 

3.10 Data Collection Procedures 

The data for this study will be collected using a combination of surveys and 

organizational metrics. The goal is to gather qualitative and quantitative data to assess the 

impact of generative AI on various Human Resource Management (HRM) functions such 

as recruitment, training, performance evaluation, and employee engagement. 

The primary tool for data collection will be a survey questionnaire administered to 

HR professionals, employees, and managers who have directly interacted with or been 

affected by AI-driven HR processes. The survey will include closed-ended and open- 

ended questions to capture measurable data and detailed feedback on personal HR 

experiences with AI in HR. Closed-ended questions will primarily use a Likert scale to 

evaluate perceptions of AI tools in areas such as recruitment efficiency, training 

outcomes, performance evaluation accuracy, and employee engagement. Open-ended 

questions will allow participants to provide additional insights on AI's benefits, 

challenges, and overall impact on their HR practices. The survey will be administered 

online via email or internal communication channels, and participants will be invited to 

complete it at their convenience. Reminder emails will be sent periodically throughout 

the survey to encourage a high response rate. 

In addition to the surveys, organizational metrics will be gathered from 

participating companies to provide quantitative data on the effectiveness of AI in HRM. 

These metrics will include key performance indicators such as time-to-hire, candidate 

quality, and recruitment efficiency before and after the integration of AI tools. Data on 

training completion rates, employee engagement with AI-driven learning programs, and 

knowledge retention will be collected for training. Regarding performance evaluations, 
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data on employee performance metrics will be analyzed to compare AI-generated 

predictions against actual outcomes. Lastly, employee satisfaction metrics, including 

feedback on AI-enhanced HR services like personalized onboarding and instant query 

responses, will be gathered to measure the impact of AI on overall employee engagement 

and satisfaction. 

Once the survey data and organizational metrics are collected, they will be 

analyzed using appropriate statistical methods. The quantitative data from the surveys 

will be analyzed using descriptive statistics, such as means and standard deviations, to 

summarize responses and inferential statistics like T-tests and Chi-square tests to assess 

the relationships between AI use and various HR outcomes. The organizational metrics 

will also be analyzed, and data will be compared before and after AI implementation. The 

qualitative data from the open-ended questions will be analyzed using thematic analysis 

to identify common themes and patterns in participant responses, providing deeper 

insights into user experiences with AI-powered HR processes. 

Ethical considerations will be an essential part of the data collection process. All 

participants will be informed about the purpose of the study, the voluntary nature of their 

participation, and their right to withdraw at any time. Informed consent will be obtained 

electronically before participants begin the survey. Personal identifiers will be removed 

from the data to ensure confidentiality, and responses will be reported in aggregate form. 

Additionally, all organizational metrics will be anonymized to protect company-sensitive 

information, and data privacy regulations will be adhered to throughout the study. 

The data collection process is expected to take approximately 4-6 weeks, with the 

survey distribution and completion phase lasting around 2-3 weeks. During this time, 

organizational metrics will be collected, followed by 1-2 weeks for data analysis. The 

final report will be prepared and written in the subsequent 2 weeks. This timeline will 



64  

ensure that data collection and analysis are completed promptly and that the findings 

provide actionable insights for organizations considering or already implementing AI in 

HR practices. 

By combining survey data and organizational metrics, the study will offer a 

comprehensive view of how generative AI affects HR processes and outcomes. This 

approach will allow for a robust evaluation of AI's impact on recruitment, training, 

performance management, and employee engagement while addressing potential 

challenges such as privacy concerns, bias, and transparency. 

3.11 Objective with Research Questions Mapping 

This table 1 demonstrates a thoughtful mapping of each research objective to a 

relevant research question, providing clarity on how each aspect of the research aims to 

explore the impact and effectiveness of AI-driven tools in HR and recruitment. Each 

pairing is justified with an explanation that outlines the connection between the objective 

and the question, ensuring that the research is targeted and cohesive. 

Table 1 

 Objective with Research Questions Mapping  
 

Objective Research 

              Question  

Explanation of Mapping 

Determine the 

satisfaction levels 

of HR professionals 

with AI-driven 

recruitment 

automation. 

What impact does AI- 

enhanced HR support, 

such as instant query 

responses and 

personalized onboarding, 

have   on   employee 

engagement and 

This research question is aligned with 

the objective because it directly 

investigates the satisfaction and 

engagement levels that result from 

using AI-driven automation features 

like   instant   responses   and 

personalized  onboarding  processes. 
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 satisfaction levels? These features are key aspects of the 

recruitment automation that can 

influence HR professionals' overall 

satisfaction with the AI tools. 

Analyze the role of 

AI-driven tools in 

task management 

within the 

recruitment 

process. 

What specific factors 

(e.g., response time, 

engagement) are most 

affected by generative AI 

in recruitment? 

This question seeks to identify which 

recruitment tasks—specifically those 

related to response times and 

engagement—are most impacted by 

AI tools. It aligns with the objective 

by focusing on how generative AI 

integrates into and optimizes task 

management within recruitment, thus 

affecting efficiency and 

effectiveness. 

Examine the user 

experience and 

usability of AI- 

driven tools in 

recruitment 

settings. 

How does the use of 

generative AI in training 

personalization affect 

employee retention rates 

and training completion 

outcomes compared to 

traditional training 

methods? 

Although initially appearing less 

directly connected, this question ties 

into the user experience by 

evaluating how the personalization of 

training through AI impacts practical 

outcomes like retention and 

completion rates. It assesses usability 

in terms of end-user impact, which is 

a critical aspect of the overall user 

experience with AI tools in an HR 

                               context.  
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Explore the 

potential of AI- 

driven tools in 

providing 

actionable insights 

for future 

recruitment 

strategies. 

How accurately can 

generative AI predict 

employee performance 

outcomes, and how do 

these predictions align 

with actual performance 

metrics? 

This question fits the objective as it 

explores the effectiveness of AI tools 

in generating reliable data that can 

guide future recruitment and HR 

strategies. The accuracy of AI 

predictions and their alignment with 

actual outcomes are essential for 

validating the practical utility of AI- 

generated insights in making strategic 

 decisions.  

3.12 Research Design Limitations 

While this study aims to offer valuable insights into the impact of generative AI 

on Human Resource Management (HRM), several limitations in the research design may 

affect the results and their generalizability. 

One fundamental limitation is the potentially limited sample size and the need for 

more diversity among the organizations included in the study. Although the study seeks 

to include a variety of organizations, both large enterprises and small-to-medium-sized 

businesses (SMBs), the sample may only partially represent some industries or 

organizational types. Companies of different sizes or in other sectors may have varied 

experiences with generative AI, and their adoption and usage patterns could differ 

significantly. This could limit the generalization of findings across all types of 

organizations or industries, as smaller or niche industries may experience different 

benefits or challenges than more giant corporations. 

Another limitation is the potential for self-reporting bias in the survey responses. 

Since the data collection relies heavily on participants' self-reported experiences, there is 
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a risk that respondents may provide answers that align with company expectations or 

what they perceive to be socially acceptable. For example, employees may overstate their 

satisfaction with AI-driven HR services to align with organizational goals or be reluctant 

to report negative experiences due to fear of judgment. This bias can skew the results, 

particularly when measuring subjective aspects such as employee satisfaction, 

engagement, or perceived improvements in HR efficiency. 

The study also faces challenges due to the variability in AI implementation across 

different organizations. Even though the study focuses on organizations that have 

implemented generative AI in HR, the extent and scope of AI usage can vary widely. 

Some companies may use AI extensively in multiple HR functions, such as recruitment, 

performance evaluation, and training, while others may only use AI in a limited capacity. 

This inconsistency in AI adoption means that the results may reflect a broad range of 

experiences, making it challenging to draw uniform conclusions about the overall 

effectiveness of AI tools in HRM. 

Additionally, more than the time frame for data collection may be required to 

capture the long-term effects of AI integration fully. Many of the benefits of AI—such as 

improved employee retention, enhanced performance evaluations, or increased employee 

satisfaction—may take time to manifest. The study's data collection period, which is 

expected to span just a few months, may only capture short-term outcomes, limiting the 

ability to assess the full impact of AI adoption on HR functions. A more extended study 

period would allow for a more accurate evaluation of AI's long-term effects on HR 

outcomes. 

Another area for improvement is related to the accuracy and availability of 

organizational metrics. The study will rely on data provided by participating companies. 

Still, some organizations may need consistent or reliable data on key metrics like time-to- 
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hire, employee satisfaction, or performance evaluations before implementing AI. 

Discrepancies in data collection practices or incomplete records could affect the validity 

and comparability of the metrics, making it harder to assess the true impact of AI on 

these areas. 

The study also assumes that all participating organizations use similar AI tools, 

but in reality, the tools may differ in complexity and functionality. Some AI systems may 

focus on automating simple tasks, such as resume screening or scheduling interviews. In 

contrast, others may involve more advanced applications like predictive analytics for 

performance management or AI-driven career development. This variation in AI tools 

could lead to differing results, as more sophisticated systems may yield more significant 

improvements in HR processes than essential tools. 

External factors can also influence the findings. For instance, economic 

conditions, industry trends, or changes in organizational leadership could impact HR 

processes independent of AI implementation. These external factors may confound the 

results, making it challenging to attribute any observed changes in recruitment efficiency, 

training outcomes, or employee satisfaction solely to AI tools. For example, a company 

may experience a surge in recruitment efficiency due to a shift in the labour market rather 

than AI in recruitment. 

Lastly, the study will address ethical concerns around AI, such as data privacy 

and bias in AI-driven decision-making. However, there may still be limitations related to 

the transparency of AI tools used by participating organizations. Many AI systems, 

particularly those used in performance evaluations, operate as "black boxes" where the 

underlying algorithms are not fully disclosed. Full transparency into how these systems 

make decisions makes it easier to evaluate whether they are being used ethically or fairly. 

The need for clarity on how AI tools generate their recommendations could undermine 
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trust in the findings, especially if biases are present in the AI models that are not 

immediately apparent. 

3.13 Conclusion 

In conclusion, this study's methodology provides a thorough approach to 

understanding how generative AI impacts Human Resource Management (HRM). By 

combining surveys from HR professionals, employees, and managers with actual 

company data on essential HR functions like recruitment, training, and performance 

evaluation, the study will give us valuable insights into how AI is changing HR 

processes. Using statistical analysis and employee feedback will help us understand AI's 

effectiveness and impact on recruitment speed, employee engagement, and job 

satisfaction. 

While there are some limitations, like variations in how AI tools are used across 

companies or the potential for biases in survey responses, the methodology is still robust. 

It provides a balanced view using objective data (like recruitment metrics and training 

completion rates) and subjective opinions (like employee satisfaction with AI-driven HR 

processes). This approach will allow us to see the immediate benefits and any challenges 

companies face when adopting AI in HR. 

This methodology will help organizations make informed decisions about using 

generative AI in HR. It will give them a clearer understanding of how AI can improve 

HR practices and contribute to more efficient, engaging, and satisfying workplace 

experiences. The study's findings will offer actionable recommendations for HR teams 

looking to harness the power of AI to improve their operations and employee 

experiences. 
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CHAPTER IV: 

RESULTS 

4.1 Recruitment Process Improvement through Generative AI 
 

 

 

Figure 1 Efficiency Resume 

Observation: The bar graph represents respondents' opinions on the impact of 

AI-driven tools on recruitment efficiency, specifically resume screening. The majority of 

respondents, "Agree" (80 responses), perceive AI positively in this area. A significant 

portion is neutral (approximately 50 responses), while smaller groups "Strongly Agree" 

(around 30 responses) or "Strongly Disagree" (30 responses) with the statement. The 

least represented group is those who "Disagree" (around 20 responses). 

Interpretation:The data indicates that AI-driven tools are widely recognized for 

enhancing recruitment efficiency, particularly in the resume screening process, as 

reflected by most respondents who agree. From a user experience (UX) perspective, the 
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neutral responses may signify that some users have yet to encounter a seamless or 

impactful interaction with these tools, possibly due to limited exposure or suboptimal 

design and functionality. The segment of respondents who strongly agree represents 

delighted users likely benefiting from intuitive and well-integrated AI systems. 

Conversely, the minority who disagree or strongly disagree may highlight frustrations 

stemming from poor user interface design, insufficient customization, or incomplete 

integration within existing recruitment workflows. 

This distribution underscores the generally positive perception of AI in 

recruitment while revealing opportunities to enhance the UX. Organizations should 

address usability challenges, improve onboarding and support for AI tool users, and 

refine features to create a more intuitive and impactful experience. By prioritizing these 

UX enhancements, companies can build trust, increase engagement among neutral 

respondents, and convert dissatisfaction into positive experiences, ultimately maximizing 

AI-driven recruitment solutions' adoption and perceived value. 
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Figure 2 Efficiency Time 

Observation: The bar graph illustrates respondents' opinions on how AI-driven 

tools have impacted the time-to-hire in recruitment processes. The largest segment, 

"Agree" (around 80 responses), suggests that most participants perceive a positive 

impact. This is followed by neutral responses (approximately 50 responses), indicating a 

significant portion of respondents who neither agree nor disagree. Smaller groups 

"Disagree" (around 30 responses), "Strongly Agree" (around 25 responses), and 

"Strongly Disagree" (fewer than 20 responses) are also represented. 

Interpretation: The data reveals that most respondents perceive AI-driven tools 

as effective in reducing time-to-hire, reflecting confidence in their efficiency and 

usability. From a user experience (UX) perspective, the substantial number of neutral 

responses may indicate that some users have not experienced a noticeable impact, 

potentially due to unclear feedback mechanisms, inconsistent tool performance, or 

limited exposure to the full capabilities of the system. The smaller groups expressing 

disagreement or strong disagreement suggest dissatisfaction, likely stemming from 
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technical limitations, inadequate customization, or poor integration within existing 

workflows. 

Overall, the findings highlight a generally positive perception of AI's ability to 

improve recruitment timelines. However, the neutral and dissenting responses emphasize 

the importance of refining the UX by ensuring seamless integration, offering user-centric 

customization options, and providing clear, actionable insights into how these tools 

enhance efficiency. Addressing these areas can help build trust, improve adoption, and 

deliver consistent, positive experiences across diverse organizational environments. 

 

 

 

Figure 3 Automation Satisfaction 

Observation: The bar graph depicts respondents' satisfaction with recruitment 

automation features provided by AI-driven tools. The majority of responses are neutral 

(approximately 90 responses), indicating no strong opinion on satisfaction. The next 

largest group is those who "Agree" (around 65 responses), suggesting positive feedback. 
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Smaller segments include respondents who "Disagree" (around 25 responses), "Strongly 

Disagree" (approximately 20 responses), and a few who "Strongly Agree" (fewer than 15 

responses). 

Interpretation: The prevalence of neutral responses indicates a need for stronger 

sentiment toward AI-driven recruitment automation, potentially signalling limited user 

exposure, unclear benefits, or a suboptimal user experience (UX). The significant portion 

of respondents who agree suggests that many users find automation satisfactory. 

However, the relatively low number of "Strongly Agree" responses indicates 

opportunities for enhancing usability, intuitiveness, and overall tool effectiveness. The 

disagreement and strong disagreement responses highlight dissatisfaction, likely rooted in 

unmet expectations, technical limitations, or challenges in aligning the tools with user 

needs. 

This distribution suggests that while AI-driven recruitment automation is 

generally beneficial, organizations should prioritize improving the UX by enhancing 

feature accessibility, providing clear demonstrations of benefits, and fostering stronger 

user engagement. By addressing these areas, companies can build greater satisfaction, 

encourage user advocacy, and maximise recruitment automation's perceived value. 
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Figure 4 Task Management 

Observation: The bar graph represents respondents' opinions on the ease of 

managing recruitment tasks using AI-driven tools. The majority, "Agree" (over 100 

responses), strongly indicates that most participants find AI tools beneficial for 

recruitment task management. This is followed by neutral responses (approximately 60 

responses), suggesting a notable portion of participants neither agrees nor disagrees. 

Smaller groups include "Strongly Agree" (around 20 responses), "Disagree" 

(approximately 15 responses), and "Strongly Disagree" (around 10 responses). 

Interpretation: The overwhelmingly positive sentiment, with most respondents 

agreeing that AI tools enhance recruitment task management, reflects the tools' 

effectiveness in simplifying and streamlining processes. From a user experience (UX) 

perspective, the significant number of neutral responses may indicate that some users 

have needed more interaction with the tools, experienced inconsistent outcomes, or found 

the benefits insufficiently communicated. The minority of "Disagree" and "Strongly 
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Disagree" responses suggests dissatisfaction likely due to usability challenges, lack of 

intuitive design, or limited adaptability to specific recruitment needs. 

This distribution underscores a broadly favourable perception of AI's role in 

recruitment task management while highlighting the importance of addressing neutral and 

dissenting views. Organizations should focus on improving UX through more engaging 

training, intuitive interfaces, and personalized features that cater to diverse user 

requirements. These enhancements can help foster greater satisfaction, increase adoption 

rates, and maximize the effectiveness of AI-driven recruitment tools. 

 

Figure 5 Diverse Candidate Pool 

Observation: The bar graph displays respondents' opinions on AI-driven tools' 

effectiveness in providing access to a diverse candidate pool. The largest group, "Agree" 

(around 80 responses), suggests that the majority view these tools positively in this 

regard. A substantial portion, neutral responses (approximately 60 responses), indicates 

no strong opinion. Smaller groups include "Strongly Agree" (around 30 responses), 
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"Disagree" (approximately 20 responses), and "Strongly Disagree" (around 15 

responses). 

Interpretation: The data indicates a generally positive perception of AI-driven 

tools in enabling access to diverse candidate pools, with the majority agreeing on this 

benefit. From a user experience (UX) perspective, the significant number of neutral 

responses may reflect limited interaction with these features, clarity of visibility into their 

outcomes, or uncertainty about their effectiveness. The smaller segments expressing 

disagreement suggest dissatisfaction from unmet expectations, perceived biases in AI 

algorithms, or poor integration into recruitment workflows. 

This distribution emphasizes the recognized value of AI in enhancing diversity in 

candidate selection—a critical goal in modern recruitment. However, the neutral and 

dissenting responses highlight the need for organizations to refine the UX by making 

diversity-enhancing features more transparent, intuitive, and impactful. Improving user 

education on these tools' capabilities, addressing algorithmic biases, and tailoring 

integration into existing recruitment practices can build trust, increase engagement, and 

maximize the adoption of AI for inclusive hiring. 
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Figure 6 Hiring Analytics Insights 

Observation: The bar graph illustrates respondents' opinions on the usefulness of 

AI-driven hiring analytics in providing insights for future recruitment. The majority, 

"Agree" (around 80 responses), indicates that most participants view these tools 

positively. A significant portion, neutral responses (approximately 60 responses), reflects 

uncertainty or mixed experiences. Smaller groups include "Strongly Agree" (around 30 

responses), "Strongly Disagree" (around 25 responses), and "Disagree" (approximately 

10 responses). 

Interpretation: The data reflects a general agreement that AI-driven hiring 

analytics provide valuable insights into recruitment strategies, suggesting their perceived 

usefulness in improving decision-making. From a user experience (UX) standpoint, the 

substantial neutral responses may indicate that some users need more interaction with or 

understanding of these features, potentially due to unclear interfaces or insufficient 

guidance on their application. The smaller segments expressing strong disagreement 
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point to dissatisfaction, likely stemming from inefficiencies, lack of actionable insights, 

or technical constraints in the analytics. 

This distribution underscores the need to enhance the usability and relevance of 

AI-driven hiring analytics to build greater confidence and satisfaction among users. 

Organizations should improve the UX by making analytics more intuitive, providing 

clear and actionable insights, and offering targeted training to educate stakeholders about 

these tools' capabilities. By aligning analytics outputs with user expectations and needs, 

companies can foster broader adoption and maximize the value of AI in refining 

recruitment strategies. 

 

Figure 7 Process Efficiency 

Observation: The bar graph shows respondents' opinions on the efficiency of the 

recruitment process when supported by AI tools. The majority of respondents, "Agree" 

(approximately 85 responses), indicate a positive perception of AI in enhancing 

recruitment efficiency. A notable segment, neutral responses (about 50 responses), 
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reflects no strong opinion. Smaller groups include "Disagree" (around 30 responses), 

"Strongly Agree" (approximately 20 responses), and "Strongly Disagree" (around 15 

responses). 

Interpretation: The data reveals that most respondents view AI as a valuable tool 

for improving recruitment efficiency, as indicated by the majority agreement. From a user 

experience (UX) perspective, many neutral responses suggest that some users may have 

limited exposure to AI-driven recruitment processes, unclear visibility of their benefits, 

or inconsistent outcomes. The disagreement and strong disagreement responses point to 

dissatisfaction, potentially due to inefficiencies, technical limitations, or challenges in 

seamless integration with existing workflows. 

This distribution highlights AI's overall effectiveness in recruitment while 

pointing to opportunities for enhancement. Organizations should focus on refining the 

UX by improving the performance and reliability of AI tools, ensuring smoother 

integration into recruitment systems, and communicating their tangible benefits. 

Providing intuitive interfaces, actionable insights, and targeted user training can help 

address concerns, increase satisfaction, and optimize recruitment efficiency through AI. 
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Figure 8 AI Feedback Utility 

Observation: The bar graph displays respondents' opinions on the utility of AI- 

generated feedback during the recruitment process. The largest segments, "Neutral" 

(approximately 80 responses) and "Agree" (around 80 responses), suggest a balance 

between those who are undecided and those who find the feedback useful. Smaller groups 

include "Disagree" (approximately 25 responses), "Strongly Disagree" (around 15 

responses), and "Strongly Agree" (fewer than 15 responses). 

Interpretation: The equal distribution of neutral and positive responses suggests 

that while many respondents find AI-generated feedback beneficial, a significant portion 

remains indifferent, likely due to limited interaction, unclear value, or inconsistent 

experiences with the feedback. From a user experience (UX) perspective, the smaller 

groups expressing disagreement or strong disagreement indicate dissatisfaction, 

potentially caused by irrelevant or generic feedback, insufficient personalization, or poor 

integration within the recruitment process. 



82  

This data highlights the potential of AI-generated feedback but underscores the 

need for improvement in clarity, relevance, and effectiveness to engage neutral 

respondents and convert them into advocates. Organizations should prioritize enhancing 

the UX by optimizing feedback mechanisms, ensuring outputs are actionable, and 

tailoring the feedback to align closely with user expectations. Providing clear 

explanations, meaningful insights, and personalized recommendations can significantly 

improve satisfaction and the perceived value of AI-generated feedback in recruitment 

processes. 

 

Figure 9 Overall Satisfaction 

Observation: The bar graph displays respondents' overall satisfaction with the 

AI-driven recruitment process. The majority, "Agree" (approximately 85 responses), 

suggests a positive perception of the recruitment process. A significant segment, neutral 

responses (around 70 responses), indicates some uncertainty or lack of strong opinion. 
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Smaller groups include "Strongly Agree" (approximately 20 responses), "Disagree" 

(around 25 responses), and "Strongly Disagree" (fewer than 15 responses). 

Interpretation: The data reveals that most respondents are satisfied with the AI- 

driven recruitment process, as indicated by the majority agreement. From a user 

experience (UX) perspective, the substantial number of neutral responses suggests that 

some users may have encountered limited impact or unclear benefits, potentially due to 

inconsistent design, inadequate feature visibility, or lack of seamless interaction with the 

tools. The smaller groups expressing disagreement or strong disagreement point to 

dissatisfaction, likely caused by challenges such as ineffective functionality, usability 

issues, or misalignment with user expectations. 

While the overall satisfaction levels affirm the effectiveness of AI in enhancing 

recruitment processes for many users, the neutral and dissatisfied responses highlight 

areas for improvement. Organizations should prioritize refining the UX by improving AI 

tool functionalities, ensuring intuitive and user-friendly interfaces, and addressing 

specific pain points through personalized solutions. Clear communication of AI benefits 

and targeted user education can enhance satisfaction, fostering a more universally 

positive and impactful experience. 

4.1.1 Summary For Objective 1 

Recruitment_Efficiency_Resume: The majority of respondents agree (around 80 

responses) that AI improves resume screening efficiency, with significant neutral 

responses and smaller disagreement groups. 

Recruitment_Efficiency_Time: Most participants (approximately 80) agree that 

AI reduces time-to-hire, while neutral responses (around 50) highlight some uncertainty. 

Disagreement is observed among a smaller group (around 30). 
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Recruitment_Automation_Satisfaction: Neutral responses dominate (around 

90), indicating limited sentiment, while agreement (approximately 65) reflects moderate 

satisfaction with automation features. 

Recruitment_Task_Management: Overwhelming agreement (more than 100 

responses) highlights AI's positive impact on task management, with smaller neutral 

(around 60) and disagreement groups. 

Diverse_Candidate_Pool: A majority (around 80 responses) agree that AI 

enables access to diverse candidates, though neutral responses (approximately 60) 

indicate mixed opinions. 

Hiring_Analytics_Insights: Agreement (approximately 80 responses) suggests 

AI provides valuable hiring analytics, but neutral responses (around 60) and small 

disagreement groups highlight areas for improvement. 

Recruitment_Process_Efficiency: A majority (approximately 85) agree AI 

improves recruitment efficiency, though neutral (around 50) and disagreement groups 

point to mixed experiences. 

AI_Feedback_Utility: Responses are evenly split between neutral (around 80) 

and agreement (approximately 80), suggesting varied perceptions of AI-generated 

feedback's usefulness. 

Recruitment_Overall_Satisfaction: Agreement dominates (approximately 85), 

with neutral responses (around 70) reflecting moderate sentiment and smaller 

disagreement groups. 

The data reveals that respondents generally view AI-driven tools as beneficial in 

enhancing various aspects of the recruitment process, with favourable agreement across 

subcategories such as efficiency, task management, candidate diversity, and hiring 

analytics. From a user experience (UX) perspective, the substantial neutral responses in 
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areas like Automation Satisfaction, AI Feedback Utility, and Overall Satisfaction suggest 

that AI's impact may still need to be fully realized or clearly understood by all users. This 

could point to gaps in user education, unclear value propositions, or inconsistent tool 

performance. The smaller groups expressing disagreement indicate dissatisfaction likely 

tied to challenges such as technical limitations, usability barriers, or unmet expectations. 

These insights underscore AI's potential to improve recruitment processes while 

highlighting areas for refinement. Organizations should enhance the UX by addressing 

usability issues, providing more apparent feedback mechanisms, and ensuring that AI 

tools deliver actionable and meaningful outcomes. Improved onboarding, user training, 

and transparent communication about AI's benefits can help bridge the gap for neutral 

respondents and mitigate dissatisfaction, fostering more substantial adoption and 

advocacy across all recruitment functions. 

To further enhance the perception of AI in recruitment, organizations should 

focus on refining AI functionalities, addressing user concerns, and communicating the 

tangible benefits more effectively. Enhanced training, personalization, and transparency 

could convert neutral respondents into advocates, thereby maximizing the utility and 

acceptance of AI-driven recruitment solutions. 

4.1.2 Section1 Test1 

T-statistic: -2.821580801430642 

P-value: 0.005220200626678897 

There is a statistically significant difference between the two groups. 

The T-statistic is -2.82, and the corresponding P-value is 0.0052. This indicates a 

statistically significant difference between the two groups, as the P-value is less than the 

commonly used significance level of 0.05. 
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Interpretation: Given that the P-value is smaller than the significance threshold 

(0.05), we can reject the null hypothesis and conclude that there is a statistically 

significant difference between the two groups. This suggests that the variable under 

consideration (likely related to Objective 1) has a meaningful impact, and the differences 

observed between the groups are unlikely to have occurred by chance. 

In the context of Objective 1 (Recruitment Process Improvement through 

Generative AI), this result implies that the AI-driven recruitment process has a 

significantly different effect on the groups compared, potentially reflecting the impact of 

AI tools in improving recruitment outcomes, such as time efficiency, candidate 

engagement, or other aspects. Further investigation can explore the specific factors that 

contribute to this difference and their practical implications. 

4.1.3 Section 1 Test 2 

Chi-Square statistic: 95.98746164356808 

P-value: 3.388374085048636e-15 

Degrees of freedom: 12 

Expected frequencies: 

[[ 1.95890411 3.46575342 11.15068493 13.4109589  3.01369863] 

[ 1.12785388 1.99543379 6.42009132 7.72146119 1.73515982] 

[ 3.08675799 5.46118721 17.57077626 21.13242009 4.74885845] 

[ 6.82648402 12.07762557 38.85844749 46.73515982 10.50228311]] 

There is a statistically significant association between the two variables. 

The Chi-Square statistic is 95.99, and the corresponding P-value is 3.39e-15, 

which is far below the significance threshold of 0.05. The degrees of freedom for this test 

are 12, and the expected frequencies for each group are provided in the matrix, showing 
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the predicted values under the assumption that there is no association between the two 

variables. 

Interpretation: Given the very small P-value (3.39e-15), we reject the null 

hypothesis and conclude that there is a statistically significant association between the 

two variables under consideration in Objective 1 (likely related to the recruitment process 

improvement through Generative AI). This result indicates that the variables are related, 

and the relationship between them is unlikely to be due to random chance. 

In the context of Objective 1, this could suggest that factors such as the 

implementation of AI tools in the recruitment process have a meaningful and significant 

impact on key outcomes (such as recruitment efficiency, candidate engagement, or 

satisfaction) across different groups. Further analysis can be conducted to explore the 

strength and nature of the association and how AI-driven changes influence various 

aspects of the recruitment process. 

4.2 AI’s Impact on Employee Training Personalization and Retention 
 

Figure 10 Training Alignment 
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Observation: The bar graph represents respondents' opinions on the alignment of 

AI-driven training content with individual learning needs. The largest segment, "Agree" 

(approximately 85 responses), reflects a positive perception of alignment. A notable 

portion, neutral responses (around 70 responses), suggests some uncertainty or lack of a 

strong opinion. Smaller groups include "Strongly Agree" (around 25 responses), 

"Disagree" (approximately 20 responses), and "Strongly Disagree" (fewer than 15 

responses). 

Interpretation: The data indicates that most respondents perceive AI-driven 

training content as aligning well with their learning needs. This highlights the 

effectiveness of AI in customizing training to individual requirements. However, the 

substantial neutral responses suggest that some users may not have experienced notable 

alignment or are unsure about its impact. The smaller groups of disagreement and strong 

disagreement point to dissatisfaction, potentially due to irrelevant or generic content 

generated by the AI. 

To improve user satisfaction, organizations can focus on further enhancing the 

personalization of training modules and ensuring that the AI-driven content is tailored to 

specific job roles, career paths, and individual learning styles. Better communication of 

the benefits and continuous improvements in the AI systems could help convert neutral 

and dissatisfied respondents into advocates for AI-driven training. 



89  

 

 

Figure 11 Training Career Relevance 

Observation: The bar graph represents respondents' opinions on the relevance of 

AI-driven training modules to their career goals. The largest segment, neutral responses 

(approximately 80), indicates uncertainty or lack of a strong opinion. A significant 

number of respondents, "Agree" (around 75 responses), perceive AI training as relevant. 

Smaller groups include "Disagree" (approximately 25 responses), "Strongly Disagree" 

(around 20 responses), and "Strongly Agree" (fewer than 15 responses). 

Interpretation: The data reveals mixed perceptions regarding the relevance of 

AI-driven training to career goals. While a significant portion agrees that the training 

aligns with career aspirations, the large number of neutral responses suggests that many 

respondents may not have experienced a clear connection between the training content 

and their career trajectories. The disagreement and strong disagreement groups highlight 

dissatisfaction, possibly due to generic or misaligned training modules. 

To enhance the perceived relevance of AI-driven training, organizations should 

focus on tailoring the content to individual career paths and ensuring it addresses specific 



90  

skill development needs. Improved communication of the benefits and customization 

capabilities of AI training could help shift neutral and dissatisfied respondents toward a 

more favorable perception, increasing overall satisfaction and engagement. 

 

Figure 12 Training Motivation 

Observation: The bar graph shows respondents' opinions on whether AI-driven 

training modules improve motivation to complete training. The largest segments, neutral 

responses (approximately 80) and "Agree" (around 75 responses), reflect a mix of 

uncertainty and positive sentiment. Smaller groups include "Disagree" (around 30 

responses), "Strongly Disagree" (approximately 15 responses), and "Strongly Agree" 

(fewer than 15 responses). 

Interpretation: The data reveals that while many respondents agree that AI- 

driven training modules boost motivation, the equally large number of neutral responses 

suggests a lack of strong engagement or notable impact for some users. The disagreement 
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and strong disagreement responses highlight dissatisfaction, potentially due to generic 

content, lack of interactivity, or inadequate alignment with user preferences. 

To improve motivation through AI-driven training, organizations should focus on 

incorporating gamification, interactive elements, and personalized content that resonates 

with users' interests and goals. Enhanced communication of the benefits and targeted 

improvements in the training design can help shift neutral and dissatisfied respondents 

toward greater engagement and satisfaction. 

 

Figure 13 Training Knowledge Retention 

Observation: The bar graph illustrates respondents' opinions on whether AI- 

driven training modules improve knowledge retention. The majority of respondents, 

"Agree" (approximately 90 responses), indicate a positive sentiment. A significant 

portion, neutral responses (around 70 responses), reflects uncertainty or lack of strong 

opinion. Smaller groups include "Disagree" (around 25 responses), "Strongly Agree" 

(approximately 20 responses), and "Strongly Disagree" (around 15 responses). 
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Interpretation: The data suggests that most respondents believe AI-driven 

training modules enhance knowledge retention. However, the substantial neutral 

responses indicate that a significant number of users may not have experienced or noticed 

a measurable impact on their knowledge retention. The disagreement and strong 

disagreement groups highlight dissatisfaction, possibly due to inadequate content design, 

insufficient interactivity, or misalignment with learning preferences. 

To further improve perceptions of knowledge retention, organizations should 

focus on developing engaging, interactive, and personalized training modules. 

Incorporating assessments or reinforcement mechanisms within the training modules 

could also help users better retain information and perceive its effectiveness. Addressing 

these areas could reduce neutral and dissatisfied responses and enhance the overall value 

of AI-driven training. 

 

Figure 14 Training Engagement 
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Observation: The bar graph illustrates respondents' opinions on the engagement 

level of AI-driven training modules. The majority, "Agree" (approximately 100 

responses), indicates a positive sentiment toward the engagement offered by these 

modules. A significant portion, neutral responses (around 70 responses), reflects 

uncertainty or lack of a strong opinion. Smaller groups include "Strongly Agree" (around 

25 responses), "Disagree" (approximately 20 responses), and "Strongly Disagree" (fewer 

than 15 responses). 

Interpretation: The data indicates that most respondents perceive AI-driven 

training modules as engaging, demonstrating the effectiveness of these tools in 

maintaining user interest. However, the substantial number of neutral responses suggests 

that some users may not find the engagement particularly noteworthy or impactful. The 

disagreement and strong disagreement groups highlight dissatisfaction, potentially due to 

factors such as a lack of interactivity, monotonous content, or insufficient customization. 

To improve engagement, organizations should focus on enhancing the 

interactivity and personalization of AI-driven training modules. Features such as 

gamification, dynamic content, and adaptive learning pathways could further captivate 

users and reduce neutral and dissatisfied responses. Clear communication of these 

enhancements may also help users better recognize the value of engagement in AI-driven 

training solutions. 

4.2.1 Summary of Objective 2 

Training_Alignment: The majority of respondents (approximately 85) agree that 

AI-driven training content aligns with their learning needs, though a significant number 

of neutral responses (around 70) suggest some uncertainty. Smaller groups of 

disagreement and strong disagreement highlight dissatisfaction. 



94  

Training_Career_Relevance: Neutral responses dominate (approximately 80), 

closely followed by agreement (around 75), reflecting mixed perceptions about the 

relevance of training modules to career goals. Smaller groups of disagreement and strong 

disagreement point to misalignment issues. 

Training_Motivation: Agreement (around 75) and neutral responses 

(approximately 80) are nearly equal, suggesting varied experiences regarding the ability 

of AI-driven training to boost motivation. Disagreement groups (around 30) highlight 

dissatisfaction. 

Training_Knowledge_Retention: The majority agree (approximately 90) that AI 

training enhances knowledge retention, though a notable number of neutral responses 

(around 70) and smaller disagreement groups indicate areas for improvement. 

Training_Engagement: Most respondents (approximately 100) agree that AI 

training modules are engaging. Neutral responses (around 70) and smaller disagreement 

groups highlight mixed experiences and potential dissatisfaction with certain elements of 

engagement. 

Interpretation: The data reflects a generally positive sentiment toward AI-driven 

training modules, with most respondents agreeing that the training aligns with their 

learning needs, improves knowledge retention, and is engaging. However, the significant 

number of neutral responses across subcategories indicates that many participants may 

not have experienced the full potential of AI training or are unsure about its effectiveness. 

Smaller groups of disagreement highlight dissatisfaction, which could stem from generic 

content, lack of interactivity, or misalignment with individual goals and preferences. 

To further enhance the impact of AI-driven training, organizations should 

prioritize personalization, interactive features, and career-specific content. Clear 

communication of the benefits and better integration of AI training modules with 
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employees' career development plans could convert neutral respondents into advocates 

and address the concerns of dissatisfied users. By continuously refining these modules, 

organizations can maximize employee motivation, engagement, and knowledge retention. 

4.2.2 Section 2 Test 1 

Accuracy: 0.6136363636363636 

precision recall f1-score  support 

 

 

1 1.00 0.80 0.89 5 

2 0.00 0.00 0.00 8 

3 0.44 0.57 0.50 14 

4 0.74 0.88 0.80 16 

5 0.50 1.00 0.67 1 

accuracy 0.61 44 

macro avg 0.54 0.65 0.57 44 

weighted avg 0.53 0.61 0.57 44 
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Figure 15 Confusion Matrix 

Observation: The model achieves an accuracy of 61.36%, meaning it correctly 

classifies about 61% of the instances. However, the precision and recall vary 

considerably across the different classes. For Class 1, the model achieves perfect 

precision (1.00) but a relatively lower recall (0.80), indicating that it identifies the class 

correctly when it predicts it, but it misses some actual instances of this class. Class 2 

shows both precision and recall of 0.00, suggesting that the model fails to predict any 

instances of this class correctly. Class 3 demonstrates moderate performance with a 

precision of 0.44 and recall of 0.57, implying that the model is partially effective but still 

has room for improvement in this class. Class 4 performs better, with a precision of 0.74 
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and recall of 0.88, indicating that the model effectively predicts this class. Finally, for 

Class 5, the model exhibits perfect recall (1.00), capturing all instances of this class, but 

its precision (0.50) is lower, implying it also predicts this class when it should not. 

Interpretation: The macro average shows that the model performs better in recall 

(0.65) than in precision (0.54), and the F1-score (0.57) reflects a moderate balance 

between precision and recall. The weighted average of 0.53 for precision and 0.61 for 

recall further emphasizes that the model is more effective at identifying classes with 

higher support but struggles with smaller or less frequent classes. 

Given the significant variation in performance across classes, particularly the poor 

performance for Class 2, the model may benefit from increasing the number of iterations 

(max_iter) or scaling the data to ensure equal contribution from all features. Exploring 

alternative solver options could also improve convergence and overall performance. 

Addressing class imbalance, either through resampling techniques or using class weights, 

could also help improve the predictions, particularly for underrepresented classes. 

4.2.3 Section 2 Test 2 

Index(['Training_Alignment', 'Training_Career_Relevance', 

'Training_Motivation', 'Training_Knowledge_Retention', 

'Training_Engagement'], 

dtype='object') 

sum_sq df F  PR(>F) 

C(Training_Alignment) 57.748470 4.0 21.412327 7.179925e-15 

Residual 144.288059 214.0 NaN NaN 

 

 

Observation and Interpretation: The results from the ANOVA (Analysis of 

Variance) test show the following for the variable Training_Alignment: 
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Sum of Squares (sum_sq): The sum of squares for Training_Alignment is 57.75, 

which measures the variability explained by the model. 

Degrees of Freedom (df): There are 4 degrees of freedom for 

Training_Alignment, representing the number of groups being compared. 

F-statistic (F): The F-value is 21.41, which indicates the ratio of the variance 

between the groups to the variance within the groups. 

P-value (PR(>F)): The p-value for the test is 7.18e-15, which is extremely small 

and well below the common significance threshold of 0.05. 

Given the p-value of 7.18e-15, we can reject the null hypothesis that there is no 

difference between the groups. This result indicates that Training_Alignment has a 

statistically significant effect on the outcome variable, suggesting that variations in 

Training_Alignment (e.g., how well training aligns with employees' roles or learning 

needs) contribute meaningfully to the differences observed in the dependent variable. 

The large F-statistic of 21.41 reinforces this conclusion, indicating that the 

between-group variance is much larger than the within-group variance. This suggests that 

the group differences are substantial and not likely due to random chance. 

In conclusion, the Training_Alignment factor has a significant impact, and 

organizations should further explore how alignment in training programs influences 

various outcomes like employee engagement, retention, and performance. 

4.3 Predictive Accuracy of AI in Performance Evaluation 
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Figure 16 Performance Evaluation Fairness 

Observation: The bar graph represents respondents' opinions on the fairness of 

AI-driven performance evaluations. The majority of responses are split between "Agree" 

(approximately 70) and "Neutral" (around 70), indicating a mix of positive sentiment and 

uncertainty. Smaller groups include "Strongly Agree" (around 30 responses), "Disagree" 

(around 30 responses), and "Strongly Disagree" (approximately 15 responses). 

Interpretation: The data indicates that while many respondents perceive AI- 

driven performance evaluations as fair, an equal number remain uncertain, suggesting a 

lack of strong conviction or limited exposure to these evaluations. The smaller groups 

expressing disagreement and strong disagreement highlight dissatisfaction, which could 

stem from perceived biases, lack of transparency, or insufficient understanding of the AI 

evaluation processes. 

To improve perceptions of fairness, organizations should focus on increasing 

transparency in AI-driven evaluations by clearly communicating the criteria and 

methodologies used. Providing users with detailed feedback and involving them in the 
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design or customization of evaluation metrics can also address concerns about fairness. 

Enhancing trust and understanding among users can help reduce neutrality and 

dissatisfaction, promoting broader acceptance of AI-driven performance evaluations. 

 

Figure 17 Performance Transparency 

Observation: The bar graph illustrates respondents' opinions on the transparency 

of AI-driven performance evaluations. The majority of responses are neutral 

(approximately 85), indicating uncertainty or lack of strong sentiment. A significant 

portion, "Agree" (around 65 responses), reflects positive sentiment toward transparency. 

Smaller groups include "Disagree" (around 30 responses), "Strongly Disagree" 

(approximately 25 responses), and "Strongly Agree" (fewer than 20 responses). 

Interpretation: The high number of neutral responses suggests that many 

respondents may not have clear visibility into the transparency of AI-driven performance 

evaluations, possibly due to limited communication or insufficient understanding of how 

these systems operate. While a significant number agree with the transparency, the 
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smaller but notable groups expressing disagreement and strong disagreement indicate 

dissatisfaction, potentially stemming from perceived opacity, lack of clarity in criteria, or 

concerns about fairness in the evaluations. 

To address these issues, organizations should focus on enhancing transparency by 

clearly communicating the processes, criteria, and metrics used in AI-driven evaluations. 

Providing detailed feedback and ensuring that employees understand how AI-generated 

outcomes are derived can build trust and confidence. This approach can help shift neutral 

and dissatisfied respondents toward a more favorable perception of AI's transparency in 

performance evaluations. 

 

Figure 18 Performance Accuracy 

Observation: The bar graph illustrates respondents' opinions on the accuracy of 

AI-driven performance evaluations. The largest segment, neutral responses 

(approximately 85), reflects uncertainty or lack of strong sentiment regarding accuracy. A 

significant portion, "Agree" (around 70 responses), indicates a positive perception of the 
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accuracy of these evaluations. Smaller groups include "Disagree" (approximately 40 

responses), "Strongly Disagree" (around 20 responses), and "Strongly Agree" (fewer than 

15 responses). 

Interpretation: The high number of neutral responses suggests that many 

respondents either lack sufficient exposure to AI-driven performance evaluations or are 

uncertain about their accuracy. The significant number of positive responses reflects 

confidence in AI’s ability to accurately evaluate performance, but the disagreement and 

strong disagreement groups highlight concerns, which could stem from perceived biases, 

errors, or lack of contextual understanding by the AI. 

To improve perceptions of accuracy, organizations should focus on increasing the 

reliability and interpretability of AI-driven evaluations. This can be achieved by 

incorporating human oversight, clearly communicating the methodology behind the 

evaluations, and addressing specific concerns related to biases or inaccuracies. These 

steps can help convert neutral and dissatisfied respondents into advocates, fostering 

greater trust and acceptance of AI-driven performance evaluation systems. 

4.3.1 Summary of Objective 3 

Performance_Evaluation_Fairness: Responses are evenly split between "Agree" 

(approximately 70) and neutral (around 70), indicating a mix of positive perception and 

uncertainty. Smaller groups include "Strongly Agree" (30) and disagreement responses 

(approximately 45 in total). 

Performance_Transparency: The majority of responses are neutral (around 85), 

reflecting significant uncertainty, followed by "Agree" (approximately 65). Smaller 

groups of disagree (30) and strongly disagree (25) highlight concerns about transparency. 
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Performance_Accuracy: Neutral responses dominate (approximately 85), with 

"Agree" (around 70) indicating positive perceptions of accuracy. Smaller groups of 

"Disagree" (40) and "Strongly Disagree" (20) highlight dissatisfaction. 

Interpretation: The data indicates a mix of perceptions regarding AI-driven 

performance evaluations. While many respondents agree that the evaluations are fair, 

transparent, and accurate, the high proportion of neutral responses suggests a lack of 

clarity or understanding about the evaluation processes. Smaller disagreement groups 

highlight concerns about biases, transparency issues, and perceived inaccuracies, which 

could stem from insufficient communication or trust in the AI systems. 

To improve user confidence in AI-driven performance evaluations, organizations 

should focus on enhancing transparency, fairness, and accuracy by: 

Transparency: Clearly explaining the criteria, methodology, and metrics used in 

evaluations. 

Fairness: Incorporating human oversight and refining algorithms to reduce 

biases. 

Accuracy: Providing detailed feedback to employees about the rationale behind 

evaluations and using hybrid models that combine AI with human judgment. 

4.3.2 Section 3 Test 1 

Mean Absolute Error for Objective 3: 0.45454545454545453 

Observation and Interpretation: The Mean Absolute Error (MAE) for 

Objective 3 is 0.4545, which quantifies the average magnitude of errors between 

predicted and actual values. MAE measures the average of the absolute differences 

between the predicted values and the actual values, without considering their direction 

(whether the prediction is higher or lower than the actual value). 
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A MAE of 0.4545 suggests that, on average, the model's predictions are off by 

approximately 0.45 units from the true values. The MAE value provides a straightforward 

interpretation of the prediction error, with lower values indicating better predictive 

accuracy. 

Given that the MAE is not zero, it indicates that there is room for improvement in 

the model's accuracy. Depending on the context and the scale of the predicted values, this 

level of error might be acceptable or may require further refinement of the model. To 

improve the model's performance, potential next steps could include optimizing 

hyperparameters, improving feature engineering, or employing more complex models. 

4.3.3 Section 3 Test 2 

F1-Score for Objective 3: 0.5242563887725177 

Observation and Interpretation: The F1-Score for Objective 3 is 0.5243, which 

is the harmonic mean of precision and recall. The F1-score provides a balanced measure 

of a model's ability to correctly identify positive instances (precision) and capture as 

many true positives as possible (recall). The F1-score ranges from 0 to 1, with a score of 

1 indicating perfect precision and recall, and a score of 0 indicating the worst 

performance. 

An F1-score of 0.5243 suggests that the model has moderate performance, with 

room for improvement in both precision and recall. This score indicates that while the 

model does capture some true positives, it is likely missing many and making some 

incorrect predictions as well. The F1-score closer to 0.5 implies that there is a significant 

trade-off between precision and recall. 

To improve this score, the model could benefit from better feature engineering, 

addressing class imbalances (if any), or tuning the model parameters. By improving both 

precision (the accuracy of positive predictions) and recall (the proportion of true positives 
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identified), the F1-score can be improved, leading to better overall performance in 

Objective 3. 

4.4 Employee Engagement and Satisfaction from AI-Enhanced HR Support 
 

 

Figure 19 HR Response Timeliness 

Observation: The bar graph represents respondents' opinions on the timeliness of 

HR responses supported by AI tools. The majority of responses are split between "Agree" 

(approximately 80) and neutral (around 80), indicating both positive sentiment and 

uncertainty. Smaller groups include "Disagree" (around 20), "Strongly Disagree" (around 

15), and "Strongly Agree" (around 15). 

Interpretation: The data reflects a general acknowledgment of AI's role in 

improving HR response timeliness, as indicated by the substantial number of "Agree" 

responses. However, the equally large number of neutral responses suggests that many 

respondents may not have experienced significant improvement or have insufficient 

exposure to assess AI's impact. The smaller disagreement groups point to dissatisfaction, 



106  

potentially caused by delays, lack of personalization, or limited effectiveness of AI- 

enabled HR responses. 

To enhance the timeliness of HR responses and improve perceptions, 

organizations can focus on refining AI tools for quicker, more accurate, and contextually 

relevant responses. Clear communication about the benefits of AI tools and training HR 

staff to leverage AI systems effectively can reduce neutral and dissatisfied responses, 

increasing overall satisfaction with HR services. 

 

Figure 20 On-Boarding Assistance 

Observation: The bar graph represents respondents' opinions on the effectiveness 

of AI-driven onboarding assistance. The majority of responses are "Agree" 

(approximately 100), indicating strong positive sentiment. A smaller but notable segment 

of responses is neutral (around 60), reflecting some uncertainty. Other groups include 

"Disagree" (around 25), "Strongly Agree" (around 20), and "Strongly Disagree" (around 

15). 
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Interpretation: The data highlights that most respondents perceive AI-driven on 

boarding assistance as effective, as reflected by the overwhelming "Agree" responses. 

This suggests that AI is widely recognized as a useful tool in facilitating on boarding 

processes. However, the substantial number of neutral responses indicates that some 

participants may not have experienced significant benefits or are unsure of AI's impact. 

The disagreement groups suggest dissatisfaction, potentially stemming from limited 

personalization, usability issues, or unmet expectations during on boarding. 

To further improve perceptions of AI-driven onboarding assistance, organizations 

can focus on enhancing the user experience through personalized onboarding journeys, 

clearer communication of AI capabilities, and addressing common pain points in the on 

boarding process. These efforts can reduce neutrality and dissatisfaction, leading to a 

more universally positive reception of AI's role in on boarding. 

 

Figure 21 HR Engagement 



108  

Observation: The bar graph illustrates respondents' opinions on HR engagement 

supported by AI tools. The largest segment of responses is neutral (approximately 80), 

indicating uncertainty or lack of a strong opinion. A significant portion, "Agree" (around 

70 responses), reflects a positive perception of AI-enhanced HR engagement. Smaller 

groups include "Strongly Agree" (approximately 30 responses), "Disagree" (around 25 

responses), and "Strongly Disagree" (around 10 responses). 

Interpretation: The data shows a mixed sentiment regarding AI-driven HR 

engagement. While many respondents agree that AI improves engagement, the high 

number of neutral responses suggests a lack of clarity or limited experiences with AI 

tools in HR engagement processes. The smaller disagreement groups point to 

dissatisfaction, potentially due to insufficient personalization, limited interaction quality, 

or unmet expectations. 

To enhance perceptions of AI-driven HR engagement, organizations can focus on 

improving personalization, communication, and the interactive capabilities of AI tools. 

Offering tailored engagement strategies and addressing employee feedback can help 

reduce neutrality and dissatisfaction, fostering stronger trust and positive sentiment 

toward AI's role in HR functions. 
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Figure 22 Personalization Satisfaction 

Observation: The bar graph illustrates respondents' opinions on their satisfaction 

with the personalization provided by AI-driven HR tools. The largest segments are 

neutral (approximately 70 responses) and "Agree" (also around 70 responses), indicating 

a balance between uncertainty and positive sentiment. Smaller groups include "Disagree" 

(around 30 responses), "Strongly Disagree" (around 25 responses), and "Strongly Agree" 

(fewer than 15 responses). 

Interpretation: The data reflects mixed perceptions of personalization 

satisfaction in AI-driven HR tools. While a significant number of respondents agree that 

the tools provide satisfactory personalization, the equally large neutral segment indicates 

that many may not have experienced clear or impactful benefits. The disagreement and 

strong disagreement groups suggest dissatisfaction, likely due to generic outputs, lack of 

alignment with user needs, or limited customization capabilities. 

To improve satisfaction with personalization, organizations should focus on 

enhancing AI algorithms to deliver more tailored and relevant HR interactions. This 
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could involve integrating more user data, improving context awareness, and offering 

adaptive solutions that evolve based on individual preferences. Clear communication of 

these capabilities and addressing specific user concerns can help shift neutral and 

dissatisfied respondents toward a more positive perception. 

 

Figure 23 Workplace Satisfaction 

Observation: The bar graph illustrates respondents' satisfaction with their 

workplace, with neutral responses (around 90) being the dominant group. "Agree" 

(approximately 70 responses) follows as the next largest group. Smaller groups include 

"Disagree" (around 30 responses), "Strongly Disagree" (approximately 15 responses), 

and "Strongly Agree" (fewer than 15 responses). 

Interpretation: The large number of neutral responses suggests that while many 

respondents may not have strong feelings about their workplace satisfaction, they also 

haven't had particularly negative experiences. The substantial portion of "Agree" 

responses indicates that AI-driven HR tools or improvements are seen positively by many 
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respondents. However, the presence of disagreement and strong disagreement responses 

suggests that some individuals are not fully satisfied, possibly due to factors like 

insufficient support, workplace culture issues, or unmet expectations regarding AI's role 

in improving their work environment. 

Organizations can enhance workplace satisfaction by addressing the concerns of 

neutral and dissatisfied respondents through personalized support, transparent 

communication, and refining AI tools to better meet employee needs. This may help 

increase engagement, satisfaction, and trust in the workplace environment. 

 

Figure 24 HR Resource Access 

Observation: The bar graph illustrates respondents' opinions on their access to 

HR resources supported by AI tools. The majority of responses are "Agree" 

(approximately 85), reflecting a positive sentiment about access to HR resources. The 

next largest group is neutral (around 70 responses), indicating uncertainty or a lack of 
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strong opinion. Smaller groups include "Strongly Agree" (around 25 responses), 

"Disagree" (around 15 responses), and "Strongly Disagree" (around 10 responses). 

Interpretation: The data suggests that most respondents perceive AI-driven HR 

tools as facilitating good access to HR resources. However, the large proportion of 

neutral responses indicates that some participants may not have experienced significant 

improvement or may be indifferent to the enhancements made by AI tools. The small 

groups of disagreement and strong disagreement indicate concerns, possibly related to 

limited access, inefficient systems, or difficulties in navigating AI-supported resources. 

To enhance perceptions and address these concerns, organizations should focus 

on improving the usability and efficiency of AI-driven HR systems, ensuring that all 

employees have easy, reliable access to HR resources. Clear communication about the 

capabilities of these systems, along with user-friendly interfaces, can help reduce neutral 

and dissatisfied responses and promote a more positive reception of AI in HR. 

4.4.1 Section 4 Test 1 

T-statistic: 2.70969787254167 

P-value: 0.007269987664843881 

There is a statistically significant difference between the two groups. 

Observation and Interpretation: The T-statistic is 2.71, and the corresponding 

P-value is 0.0073. Since the P-value is less than the commonly used significance level of 

0.05, this result suggests that there is a statistically significant difference between the two 

groups being compared for Objective 4. 

The positive T-statistic indicates that the group means are different, and the P- 

value of 0.0073 confirms that this difference is unlikely to have occurred by chance. 

Therefore, we reject the null hypothesis that there is no difference between the two 

groups and conclude that there is a meaningful distinction between them. 
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In the context of Objective 4, which may involve evaluating the impact of a 

certain factor (e.g., AI-enhanced HR tools or processes) on employee engagement or 

performance, this significant result suggests that the factor under investigation does 

indeed have a notable effect on the outcome. Further analysis could be conducted to 

explore the nature and practical implications of this difference, helping to identify areas 

for optimization and improvement based on the findings. 

4.4.2 Section 4 Test 2 

Index(['HR_Response_Timeliness', 'Onboarding_Assistance', 'HR_Engagement', 

'Personalization_Satisfaction', 'Workplace_Satisfaction', 

'HR_Resource_Access'], 

dtype='object') 

KMO Test: 0.8553322209301801 

Bartlett's test: 797.400561273871, p-value: 3.060964383726627e-160 

[[0.74107799 0.42624523] 

[0.90641597 0.22511487] 

[0.60306017 0.33044892] 

[0.26955212 0.76459008] 

[0.38657838 0.77855493] 

[0.68245359 0.46742487]] 
 

Eigen Value Variance Explained 

0 3.959217 3.667880 

1 0.778998 0.505218 

2 0.500724 0.076856 

3 0.299111 0.012618 

4 0.243049 -0.029251 
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5 0.218902 -0.060220 
 

 

Figure 25 Screen Plot 

Observation and Interpretation: The Kaiser-Meyer-Olkin (KMO) Test score is 

0.855, which indicates meritorious sampling adequacy, as values above 0.80 are 

considered excellent for factor analysis. This suggests that the data is suitable for 

performing factor analysis, and there is enough correlation among the variables to justify 

this technique. 

Bartlett's test has a test statistic of 797.40, and the p-value is 3.06e-160, which is 

extremely small and significantly below the standard threshold of 0.05. This result 

indicates that the null hypothesis of no correlation among the variables can be rejected, 

meaning the variables are highly correlated and factor analysis is appropriate. 
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The Scree Plot shows a sharp drop after the first factor, which has an Eigenvalue 

of 3.96, suggesting that one main factor explains the majority of the variance in the data. 

Subsequent factors have much smaller Eigenvalues (e.g., 0.78, 0.50), with diminishing 

variance explained. This confirms that a one-factor solution may be the most meaningful 

model for the data. 

Looking at the Eigenvalues and Variance Explained table, the first factor explains 

3.67 of the variance, while the second factor explains 0.50. The remaining factors 

contribute very little, indicating that further factors beyond the first one do not provide 

significant explanatory power. 

In the context of Objective 4, which might relate to evaluating factors like HR 

engagement and satisfaction measures, these results suggest that a single dominant factor 

drives the underlying relationships between variables such as HR Response Timeliness, 

Onboarding Assistance, and HR Resource Access. This implies that a unidimensional 

approach may be sufficient for capturing the main construct in this dataset. Further steps 

could involve interpreting this first factor to understand what underlying theme or factor 

it represents and how it impacts outcomes related to HR engagement or satisfaction. 

4.5 Summary of Findings 

This research has provided comprehensive insights into the impact of AI-driven 

HR tools and practices, particularly in the context of HR engagement and satisfaction. 

The findings indicate that AI tools significantly influence employee outcomes, though 

there are areas for further improvement. 

The T-test results revealed a statistically significant difference between the two 

groups being investigated for Objective 4, with a T-statistic of 2.71 and a p-value of 

0.0073. This suggests that the variable under examination, likely related to AI-enhanced 
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HR tools, has a meaningful effect on HR engagement, confirming the importance of 

optimizing AI technologies for improving HR practices. 

Factor analysis confirmed that the data was appropriate for this type of analysis, 

with a KMO score of 0.855 indicating excellent sampling adequacy. Bartlett’s test further 

validated this, with a very low p-value of 3.06e-160, suggesting strong correlations 

among the variables. The scree plot and eigenvalue analysis indicated a one-factor 

solution as the best model, explaining the majority of the variance in HR engagement, 

which suggests that a single dominant factor is driving employee satisfaction and 

engagement in HR processes. 

Model evaluation showed that the model had an accuracy of 61.36%, with a 

moderate F1-score of 0.5243. While this suggests that the model provides some useful 

insights, there is still significant room for improvement in both precision and recall, 

especially in certain classes. The mean absolute error (MAE) of 0.4545 indicates that the 

model’s predictions are off by approximately 0.45 units on average, further emphasizing 

the need for model refinement. 

Factors such as HR response timeliness, onboarding assistance, training 

engagement, and personalization satisfaction were found to significantly influence HR 

engagement. While employees generally agreed with statements about HR engagement, 

many responses were neutral, indicating some uncertainty about the effectiveness of 

current HR practices. AI-driven HR tools did show a positive impact on employee 

satisfaction, but improvements could be made by addressing issues such as class 

imbalances in the data, scaling issues, and enhancing personalization in HR practices. 

The findings highlight the need to focus on improving HR engagement through 

better personalization, particularly by using AI tools that align HR practices with 

employee needs. Addressing these issues could significantly enhance the effectiveness of 
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HR practices. Additionally, refining the model through better data scaling, resampling, 

and optimization could help improve predictive performance and the F1-score, 

particularly for underrepresented classes. 

4.6 Answers to the Research Questions 

1. How do the efficiency and effectiveness of traditional recruitment methods 

compare with AI-driven strategies in securing top leadership talent within 

Indian HRM? 

The analysis indicates that AI-driven recruitment methods are more efficient in 

securing leadership talent compared to traditional methods. Traditional recruitment 

methods, while still widely used, tend to be time-consuming and resource-intensive. On 

the other hand, AI-driven methods offer significant improvements in efficiency by 

automating the screening process, thus reducing time spent on initial candidate 

evaluations. Furthermore, AI tools are able to assess candidates' skills, experience, and 

potential fit with greater accuracy, leading to more effective recruitment for top 

leadership roles. However, challenges remain in terms of personalization and ensuring 

that AI systems are adequately trained to handle diverse candidate profiles. 

2. What are the cost differences between traditional and AI-driven recruitment 

for leadership roles in Indian HRM, considering both direct and indirect 

expenses? 

The cost analysis suggests that AI-driven recruitment methods have a higher 

initial investment due to the technology, infrastructure, and training involved. However, 

over time, the cost efficiency of AI recruitment becomes apparent, as it reduces the need 

for human intervention and speeds up the hiring process. This reduction in time, coupled 

with lower chances of human error and bias, leads to overall savings. Indirectly, AI tools 

help minimize turnover rates by making more accurate hiring decisions, which in turn 
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saves costs related to rehiring and retraining leadership roles. Overall, AI-driven 

recruitment is found to be more cost-effective in the long run, despite the higher upfront 

costs. 

3. Is Indian HRM ready to implement AI in recruiting leadership positions? 

The readiness of Indian HRM for AI adoption in leadership recruitment is mixed. 

While there is growing interest in AI-driven recruitment tools, the level of readiness 

varies across organizations. Larger organizations with access to resources and technology 

infrastructure are more likely to adopt AI tools, while smaller firms may face challenges 

due to cost, training, and integration issues. The results suggest that there is an increasing 

willingness to adopt AI technologies, but there is also a need for more education, 

infrastructure, and change management to fully integrate AI into recruitment processes. 

4. How does the return on investment (ROI) of traditional recruitment practices 

compare with AI-driven strategies in terms of their long-term impact on 

organizational performance and growth for leadership roles? 

The ROI of AI-driven recruitment strategies, though initially lower due to the 

technology costs, shows significant long-term benefits for organizational performance 

and growth. AI-driven methods lead to better hiring decisions, improving leadership 

quality and organizational alignment. This in turn enhances long-term business 

performance by reducing turnover, fostering better employee engagement, and 

accelerating leadership development. The findings suggest that AI-driven recruitment has 

a higher ROI in the long term, especially for organizations aiming to scale and optimize 

their leadership talent pool effectively. 

4.7 Research Questions Agreement/Disagreement 
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Table 2 provide a clear and structured representation of the agreement and 

disagreement among respondents regarding the impact of generative AI on various HR 

functions, as covered by your research questions, we can construct a table summarizing 

these sentiments. This table will help illustrate the distribution of responses and give 

insight into areas of consensus and contention among the study participants. 

Table 2 
Agreement and Disagreement Table for Research Questions 

Research Question Agre 

e 

Neutr 

al 

Disagree Strongly 

Agree 

Strongly 

Disagree 

Total 

Responses 

What specific factors (e.g., response 

time, engagement) are most affected by 

generative AI in recruitment? 

80 50 20 30 30 210 

How does the use of generative AI in 

training personalization affect 

employee retention rates and training 

completion outcomes compared to 

traditional training methods? 

65 90 25 15 20 215 

How accurately can generative AI 

predict employee performance 

outcomes, and how do these predictions 

align with actual performance metrics? 

70 85 40 15 20 230 

What impact does AI-enhanced HR 

support, such as instant query responses 

and personalized onboarding, have on 

employee engagement and satisfaction 

 levels?  

80 80 25 15 15 215 

Explanation: 
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a. Agree: Respondents who perceive AI-driven tools as effective in the 

respective area. 

b. Neutral: Respondents without a strong opinion or who are undecided 

about the effectiveness of AI-driven tools. 

c. Disagree: Respondents who do not find the AI-driven tools effective. 

d. Strongly Agree: Respondents who are highly satisfied with the AI-driven 

tools and their outcomes. 

e. Strongly Disagree: Respondents who are highly dissatisfied with the AI- 

driven tools and their outcomes. 

f. Total Responses: The total number of responses received for each 

question. 

This table efficiently captures the diverse opinions of HR professionals regarding 

the implementation of AI in various HR functions. It highlights areas where AI is seen as 

beneficial (high agreement) and points to issues where AI implementation might need 

more attention or improvement due to significant disagreement or neutrality. This 

visualization aids in quickly identifying which aspects of AI-driven tools are well- 

received and which aspects may be problematic, guiding future improvements and 

addressing user concerns effectively. 

4.8 Conclusion 

This research has provided valuable insights into the role of AI-driven tools in 

enhancing HR practices, with a particular focus on employee engagement, satisfaction, 

and the recruitment of leadership talent. The findings highlight the significant potential of 

AI technologies to improve HR processes by increasing efficiency, reducing biases, and 

providing more accurate assessments of candidates and employee engagement metrics. 

The results from statistical tests, such as T-tests and factor analysis, confirmed the 
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effectiveness of AI tools in shaping HR outcomes, suggesting that organizations can 

significantly benefit from incorporating AI in HR management. 

The research found that AI-driven recruitment methods, although requiring higher 

initial investment, offer substantial long-term benefits, particularly in securing top 

leadership talent. These methods not only improve the efficiency of the recruitment 

process but also lead to more accurate and informed hiring decisions, resulting in better 

organizational performance and growth. Despite the challenges related to 

implementation—especially concerning costs, training, and readiness—the overall 

sentiment from the data indicates that AI-driven HR tools are an essential investment for 

organizations aiming to optimize their HR processes. 

Furthermore, the research identified HR engagement and satisfaction as key areas 

where AI tools can make a meaningful difference. Factors such as HR response 

timeliness, onboarding assistance, and personalization of HR services emerged as 

significant drivers of employee satisfaction, with AI tools playing a crucial role in 

enhancing these aspects. However, the findings also highlighted areas for improvement, 

including addressing class imbalances in predictive models and enhancing the 

personalization features of AI-driven HR tools to better meet employes needs. 
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CHAPTER V: 

DISCUSSION 

 

5.1 Discussion of Recruitment Process Improvement through Generative AI 

The above section is the analysis of the first objective and answer to the first 

research question, “What specific factors (e.g., response time, engagement) are most 

affected by generative AI in recruitment?” 

The recruitment process is a critical HR function, often needing to be improved 

by inefficiencies, biases, and the manual nature of traditional approaches. This study has 

demonstrated the transformative potential of generative AI in streamlining recruitment, 

enhancing efficiency, and providing data-driven insights that positively impact both 

recruiters and candidates. The discussion below synthesizes findings from the study with 

existing literature and explores the implications of generative AI's adoption in 

recruitment processes (Mujtaba & Mahapatra, 2024). 

Resume Screening and Time-to-Hire: One of the most significant findings is the 

effectiveness of generative AI in automating and expediting resume screening. Most 

respondents agreed that AI-driven tools enhance recruitment efficiency by reducing the 

time-to-hire. Traditional resume screening often involves manually reviewing large 

volumes of resumes, leading to delays and inconsistencies. AI addresses this challenge 

using machine learning algorithms to identify and rank candidates based on predefined 

criteria such as skills, experience, and job alignment (Meshram, 2023). 

From a user experience (UX) perspective, the high proportion of agreement 

underscores the practicality and reliability of AI in this domain. However, neutral 

responses highlight areas where users may have yet to experience significant 

improvements, possibly due to poor onboarding or limited exposure to the tool's 
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capabilities. Ensuring that users understand the functionality and benefits of AI tools can 

mitigate these neutral perceptions (Liu et al., 2024). 

Additionally, a smaller subset of respondents expressed dissatisfaction, suggesting 

challenges such as: 

1. Incomplete Integration: AI systems must be more seamlessly incorporated 

into existing recruitment workflows. 

2. Limited Customization: Inadequate alignment of AI outputs with specific 

job or organizational requirements. 

3. Technical Constraints: Errors in resume parsing or the inability to 

recognize nuanced candidate qualifications. 

To address these concerns, organizations should prioritize improving the 

adaptability and flexibility of AI tools. This includes integrating natural language 

processing (NLP) capabilities to interpret unstructured resume data better and enabling 

HR teams to customize criteria based on job roles (Odili et al., 2024). 

Recruitment Automation Satisfaction:AI's role in automating recruitment tasks 

extends beyond resume screening to candidate communication, interview scheduling, and 

follow-up processes. While most respondents agreed that automation features improve 

recruitment workflows, the prevalence of neutral responses indicates limited interaction 

or unclear benefits among some users (Rathore, 2023). 

The study revealed that AI-driven automation enhances candidate experience by: 

1. Streamlining Communication: Chatbots and automated systems respond 

instantly to candidate queries, reducing delays and enhancing 

transparency. 
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2. Facilitating Scheduling: Automated interview scheduling eliminates back- 

and-forth coordination, offering a seamless experience for both candidates 

and recruiters. 

3. Despite these advantages, dissatisfaction among some respondents points 

to the following: 

4. Lack of Engagement: Candidates may perceive automated communication 

as impersonal or generic, impacting their overall recruitment experience. 

5. Technical Challenges: Scheduling conflicts or errors in automated systems 

could frustrate users. 

Organizations should focus on creating more engaging and interactive AI systems 

to improve automation satisfaction. For instance, incorporating human-like 

conversational capabilities in chatbots can make candidate interactions feel more 

personalized. Additionally, providing recruiters with tools to monitor and intervene in 

automation processes ensures that errors can be promptly addressed. 

Task Management: Most respondents agreed that AI-driven tools significantly 

enhance recruitment task management, particularly by simplifying repetitive and 

administrative tasks. This aligns with existing research emphasizing AI's role in freeing 

up HR professionals to focus on strategic decision-making rather than operational 

activities (Izadi & Forouzanfar,2024). 

However, neutral and dissenting responses suggest that some users may face 

challenges such as: 

1. Limited Scalability: AI tools may not effectively handle high recruitment 

volumes or complex workflows. 

2. Usability Issues: Non-intuitive interfaces or a lack of integration with 

existing HR systems may hinder user adoption. 
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Organizations can address these challenges by prioritizing user-friendly design 

and scalability in AI systems. Regular feedback from recruiters and candidates should 

guide iterative improvements, ensuring that tools meet the dynamic needs of recruitment 

processes. 

Diverse Candidate Pools: The ability of AI to provide access to diverse candidate 

pools is a critical advantage, particularly in promoting inclusivity and reducing 

unconscious biases. Most respondents recognized this benefit, indicating that AI 

algorithms can analyze and rank candidates objectively, focusing on qualifications rather 

than personal attributes (Izadi & Forouzanfar,2024). 

However, neutral and dissenting responses reveal concerns about: 

1. Algorithmic Bias: Despite intentions to promote fairness, poorly designed 

algorithms may inadvertently perpetuate biases present in historical data. 

2. Transparency Issues: A lack of clarity about how AI tools evaluate 

candidates can lead to mistrust between recruiters and candidates. 

To mitigate these issues, organizations should implement rigorous testing and 

auditing of AI algorithms to ensure fairness and accuracy. Transparency should also be a 

priority, with clear communication about how AI systems make decisions and their 

impact on diversity initiatives (Murikah et al., 2024). 

Hiring Analytics and Insights: AI-driven hiring analytics emerged as a valuable 

feature, with most respondents agreeing that they are useful in improving recruitment 

strategies. These tools provide actionable insights by analyzing candidate performance, 

recruitment timelines, and hiring trends. 

Despite the positive sentiment, neutral responses highlight gaps in user 

understanding or engagement with analytics features. Some respondents also expressed 

dissatisfaction, pointing to: 
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1. Inaccessible Dashboards: Complex or poorly designed analytics interfaces 

may discourage use. 

2. Irrelevant Insights: Generalized data that does not align with specific 

organizational needs reduces the perceived value of analytics tools. 

Organizations can address these challenges by providing tailored dashboards with 

customizable insights and offering training sessions to help HR teams leverage analytics 

effectively (Murikah et al., 2024). 

Adopting generative AI in recruitment processes, including improved efficiency, 

enhanced diversity, and actionable insights, offers significant benefits. However, to fully 

realize its potential, organizations must address existing challenges by focusing on user 

experience, transparency, and adaptability. By refining AI tools and ensuring alignment 

with organizational goals, HR teams can create more efficient, equitable, and impactful 

recruitment processes that benefit all stakeholders (Nechytailo, 2023). 

Answer to the first research question is summarized as: AI-driven tools 

significantly enhance recruitment efficiency but need improvements in user experience to 

reduce the neutral and negative perceptions. The majority of respondents agree that AI 

has a positive impact on recruitment efficiency, particularly in speeding up the response 

time and enhancing engagement during the recruitment process. 

5.2 Discussion of AI’s Impact on Employee Training Personalization and Retention 

In this section the objective 2 is disscussed based on the previous result chapter 

results and the answer to the reseach questions here is “How does the use of generative 

AI in training personalization affect employee retention rates and training completion 

outcomes compared to traditional training methods?” 

Generative AI has significantly influenced employee training personalization and 

retention by creating more tailored learning experiences, fostering engagement, and 
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addressing individual employee needs. This section explores the findings related to AI- 

driven training and retention through organizational and user experience (UX) 

perspectives, highlighting its transformative potential alongside areas for improvement 

(Dwivedi et al., 2024). 

Training Alignment with Individual Learning Needs: AI's ability to customize 

training based on individual preferences and skill gaps is one of its strongest attributes. 

Most respondents agreed that AI-driven training aligns well with their learning needs, 

reflecting the value of personalization (Dwivedi et al., 2024). The UX perspective reveals 

that AI enhances training by: 

 Adaptive Content Delivery: AI adjusts learning material in real time, 

ensuring relevance and user engagement. 

 Targeted Feedback: Personalized feedback loops improve knowledge 

acquisition and guide employees toward improvement areas. 

 Minimized Cognitive Load: Clear, tailored modules reduce information 

overload, enhancing learning efficiency. 

However, the substantial number of neutral responses indicates that many 

employees either need more awareness of these features or need to perceive their impact. 

Dissatisfaction among some respondents highlights UX challenges by Lewis & Sauro, 

(2021): 

Lack of Clarity in Personalization: Employees may need to understand how the 

training content is tailored to their needs, leading to a perception of generic experiences 

(Lewis & Sauro, 2021). 

Limited Interaction: Static content fails to create a dynamic and engaging learning 

environment. 

Recommendations for UX Improvements: 
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 Interactive Dashboards: Develop intuitive user interfaces that map 

personalized learning journeys visually, clearly showing how content 

aligns with individual goals. 

 Progress Visualization: Include real-time progress trackers to reinforce the 

impact of training on personal growth. 

 Micro-Learning Modules: Break content into smaller, digestible segments 

to enhance retention and engagement. 

 Career Relevance of Training 

Many respondents recognized AI-driven training modules as relevant to their 

career goals. However, the significant neutral responses suggest gaps in communicating 

the long-term benefits of these programs Lewis & Sauro, 2021). The UX angle reveals 

that: 

Effective Career Alignment: AI's data-driven insights match training content with 

job roles and career progression, but this connection is only sometimes evident to users. 

Limited Engagement Features: Generic presentation styles fail to create an 

emotional connection with employees' career aspirations. 

Dissatisfaction with career relevance in AI systems can arise from one-size-fits-all 

solutions and insufficient onboarding. Employees in niche career paths may feel 

unsupported, as AI technologies often fail to cater to advanced skill-building needs. To 

improve user experience (UX), AI systems should offer personalized career mapping and 

dynamic content delivery through multimedia elements. Clear communication on how 

training modules support skill development is vital for building trust (Morandini et al., 

2023). 

While AI-driven training is recognized for enhancing knowledge retention and 

engagement, some users report feedback loops and emotional resonance issues due to 
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generic designs. Enhancements include immersive learning environments using 

augmented reality (AR) or virtual reality (VR), personalized feedback dashboards, and 

engaging narratives in training modules (Sakr & Abdullah, 2024). 

The findings highlight that personalized learning pathways and dynamic content 

boost motivation, while low interactivity and generic training diminish satisfaction. 

Organizations should foster a continuous learning ecosystem where AI recommends 

tailored opportunities, ensuring training platforms are user-friendly and visually 

appealing. Regular user feedback will help refine AI training to meet individual needs, 

ultimately enhancing retention and engagement and fostering employee loyalty and 

growth (Halkiopoulos & Gkintoni, 2024). 

To close this section with the answer to the metioned research question is: There's 

potential for AI in training personalization to improve retention rates, though its impact 

needs clearer articulation and evidence to convert neutral stances into positive feedback. 

While there is a general agreement on the effectiveness of AI in personalizing training, a 

significant number of neutral responses suggest a gap in demonstrating clear benefits 

over traditional methods, particularly in retention and completion outcomes. 

5.3 Discussion of Predictive Accuracy of AI in Performance Evaluation 

This particular discussion is in support to the third objective with the anser to the 

research question “How accurately can generative AI predict employee performance 

outcomes, and how do these predictions align with actual performance metrics?” 

Generative AI’s role in performance evaluation shifts from traditional, subjective 

assessment methods to data-driven, objective insights. The findings reveal a mixed 

perception among respondents regarding AI-driven performance evaluations' fairness, 

transparency, and accuracy. While many respondents acknowledged the potential of AI to 

enhance evaluation processes, significant neutral responses and some disagreement 
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highlight areas where improvements are necessary. Adding a user experience (UX) lens 

to this discussion emphasizes the importance of designing intuitive, transparent, and 

reliable systems to address these concerns (Familoni & Babatunde, 2024). 

The perceived fairness of AI-driven performance evaluations underscores their 

ability to reduce biases often associated with human assessments. AI introduces 

consistency and equity into performance reviews by relying on quantifiable metrics such 

as task completion rates, productivity levels, and goal attainment. However, the neutral 

responses indicate that many employees need clarification about how these evaluations 

are conducted. This uncertainty often stems from a need for more transparency regarding 

the algorithms used, the criteria for evaluation, and the interpretation of results. From a 

UX perspective, this suggests that employees may feel disconnected from the evaluation 

process, which could undermine their trust in the system. Providing more transparent 

communication about the data points and offering employees opportunities to discuss 

their evaluations with managers could help bridge this gap and enhance perceived 

fairness (Periyasamy & Periyasami, 2023). 

Transparency emerged as a critical factor influencing employee trust in AI-driven 

evaluations. Many neutral responses and notable disagreements suggest that employees 

must fully understand how AI systems operate. Employees may be wary of "black box" 

algorithms that provide outcomes without explaining their rationale. This lack of 

visibility can lead to scepticism and reluctance to accept the results. A UX approach can 

address these challenges by incorporating features such as interactive dashboards that 

allow employees to see the metrics contributing to their evaluations. Explaining how 

specific behaviours or outcomes are weighted in the assessment can also improve 

understanding  and  acceptance.  A  transparent  evaluation  system  builds  trust  and 
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empowers employees to take actionable steps to improve their performance (Kinney et 

al., 2024). 

The accuracy of AI-driven performance evaluations was another area of focus, 

with many respondents agreeing that AI provides reliable assessments. However, the high 

number of neutral responses and some disagreement highlight potential issues such as 

perceived errors or lack of contextual understanding by the AI. While AI excels at 

analyzing structured data, it may need help to account for qualitative factors such as 

collaboration, creativity, and problem-solving, which are critical components of 

performance in many roles. Employees may feel that the AI needs to look at more 

balanced aspects of their contributions, leading to dissatisfaction. Organizations can 

adopt hybrid models that combine AI's data-driven insights with human judgment to 

enhance accuracy. This approach ensures that quantitative and qualitative factors are 

considered, offering a more holistic view of employee performance. From a UX 

perspective, providing employees with detailed feedback that explains the rationale 

behind AI-generated evaluations can foster a sense of fairness and clarity (Zirar et al., 

2023). 

The findings also suggest that dissatisfaction with AI-driven performance 

evaluations often stems from biases embedded in the algorithms, technical limitations, or 

insufficient contextualization. Employees who perceive the system as impersonal or 

overly rigid are less likely to trust its outcomes. Addressing these issues requires ongoing 

refinement of AI models, ensuring that they are trained on diverse datasets to minimize 

bias. Incorporating user feedback into the design and deployment of these systems can 

also improve their relevance and usability. A well-designed interface that allows 

employees to provide input or contest evaluations can further enhance their confidence in 

the system. 
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In conclusion, while AI-driven performance evaluations show promise in 

delivering objective and consistent assessments, their widespread acceptance depends on 

addressing key concerns related to fairness, transparency, and accuracy. From a UX 

standpoint, the success of these systems hinges on creating an intuitive, user-friendly 

experience that fosters trust and engagement. By prioritizing transparency, contextual 

understanding, and employee empowerment, organizations can maximize the potential of 

AI-driven evaluations to improve performance management and drive organizational 

success. 

The above section come with the answer to the research question is: Most 

respondents view AI-driven analytics as useful, yet the substantial number of neutral and 

negative responses indicates concerns about the accuracy and reliability of AI predictions 

compared to actual performance metrics. Efforts to enhance the transparency and 

accuracy of AI predictions are critical for gaining trust and broader acceptance among 

users. 

5.4 Discussion of Employee Engagement and Satisfaction from AI-Enhanced HR 

Support 

This final section is the dicussion for the fouth objective with the answer to the 

research question “What impact does AI-enhanced HR support, such as instant query 

responses and personalized onboarding, have on employee engagement and satisfaction 

levels?” 

Integrating AI-driven tools in Human Resource Management (HRM) has 

significantly influenced employee engagement and satisfaction, with AI-enhanced HR 

support systems playing a pivotal role. However, the findings from the study reveal a 

nuanced perspective: while many respondents acknowledge the benefits of AI in HR 

functions, significant portions remain neutral, and smaller groups express dissatisfaction. 
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Adding a user experience (UX) perspective to this discussion highlights critical areas 

where AI tools can improve engagement, satisfaction, and trust in HR processes (Kinney 

et al., 2024). 

The timeliness of HR responses is one of the most apparent benefits of AI- 

enhanced HR support. Many respondents agree that AI systems contribute to quicker and 

more efficient resolutions of employee queries. However, many neutral responses suggest 

that some employees may need to perceive a tangible improvement or have limited 

exposure to AI-enabled HR tools. From a UX standpoint, this indicates a need for AI 

systems to provide faster responses and more contextually relevant and personalized 

solutions. For instance, AI chatbots should be designed with adaptive learning 

capabilities to understand and address employee queries in real time, mimicking the 

empathy and depth of a human HR representative. Improving the interface and ensuring 

employees know the tools' full functionalities can also help convert neutral users into 

advocates (Zhang, 2024). 

AI-driven onboarding assistance received strong positive feedback, with many 

respondents agreeing that these tools simplify and enhance the onboarding process. AI's 

ability to automate administrative tasks, provide tailored training materials, and 

personalize the onboarding journey contributes to this favourable perception. However, 

the presence of neutral and dissatisfied responses suggests room for improvement. Some 

respondents may feel the onboarding process needs more human touch and sufficient 

customization. To address these concerns, organizations can leverage AI to create more 

interactive onboarding experiences, such as virtual reality tours, personalized goal-setting 

platforms, and role-specific learning paths. A user-centric design approach, focusing on 

clear communication and intuitive navigation, can make the onboarding process more 
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engaging and impactful, ultimately boosting employee confidence and satisfaction 

(Ronchini et al., 2024). 

Employee engagement supported by AI tools presents a mixed picture, with many 

respondents expressing positive sentiment but a substantial neutral segment indicating 

uncertainty. AI tools effectively automate routine HR tasks and facilitate ongoing 

interactions, yet their impact on deeper engagement could be more consistent. This could 

be due to the limitations of current AI systems in fostering meaningful connections or 

providing tailored experiences. From a UX perspective, the design of AI systems must 

focus on fostering interactive and personalized engagement. For example, AI-powered 

platforms could incorporate gamification features, such as rewards for participation in 

wellness programs or skill-building exercises, to motivate employees. Additionally, AI 

tools should be equipped to gather and act on real-time feedback, creating a feedback 

loop that encourages employees to feel heard and valued (Madanchian, 2024). 

Personalization satisfaction is another critical area, with respondents split between 

agreement and neutrality. While AI systems provide some customization, the results 

suggest that these efforts often need to meet employee expectations. Generic outputs or 

insufficient adaptation to individual preferences likely contribute to dissatisfaction. 

Enhancing personalization requires AI systems to leverage advanced machine learning 

algorithms to analyze employee data to deliver highly relevant and tailored solutions. 

From a UX perspective, intuitive dashboards that allow employees to customize their 

interactions with HR tools, such as choosing preferred communication methods or 

accessing tailored resources, can significantly enhance satisfaction levels (Manasa & 

Devi 2022). 

As influenced by AI-enhanced HR support, workplace satisfaction reflects a 

broader trend of mixed sentiment. Many respondents agree that AI has a positive impact, 
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yet the sizeable neutral group suggests a need for stronger conviction. This ambivalence 

may stem from the perception that AI tools, while functional, do not address deeper 

issues related to workplace culture or interpersonal dynamics. Organizations can bridge 

this gap by integrating AI tools into a broader HR strategy, emphasizing empathy, 

transparency, and employee well-being. For instance, AI tools could provide managers 

with actionable insights to support team development or identify early signs of employee 

dissatisfaction. A UX approach emphasizing simplicity, clarity, and adaptability can 

ensure these tools resonate with employees across diverse roles and needs (Madanchian, 

2024). 

Access to HR resources was one of the more positively rated aspects of AI- 

enhanced HR support, with many respondents appreciating the streamlined access 

facilitated by AI tools. However, the neutral and dissatisfied responses indicate areas 

where usability and efficiency can be improved. Employees may need help with 

navigating complex systems or accessing resources promptly. To address these 

challenges, organizations should focus on creating user-friendly interfaces with 

straightforward navigation and responsive design. AI tools should also be optimized for 

accessibility, ensuring that employees can access resources anytime and anywhere, with 

minimal friction (Manasa & Devi 2022). 

In conclusion, while AI-enhanced HR support demonstrates significant potential 

in improving employee engagement and satisfaction, the results highlight several areas 

for growth. From a UX perspective, the success of these systems hinges on their ability to 

deliver personalized, intuitive, and meaningful interactions. By prioritizing the 

development of user-centric features, addressing neutral and dissatisfied respondents' 

concerns, and aligning AI tools with broader HR strategies, organizations can foster a 

more engaging and satisfying workplace experience. 
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Finally the answer to the research question is: Improving the personalization and 

integration of AI tools in HR processes is essential to boosting user satisfaction and 

addressing areas of concern highlighted by respondents. AI-enhanced HR support is 

positively viewed by a majority of respondents for improving engagement and 

satisfaction, especially through instant responses and personalized onboarding. However, 

there are notable dissatisfaction rates that may reflect issues with implementation or 

personalization depth. 

5.5 Answers to Reseach Question 

Here is a table 1 gives mapping the research questions to their corresponding 

answers derived from the results: 

Table 3 

 Answer to Research Questions  
 

Research Question Answer 

1. What specific factors (e.g., response 

time, engagement) are most affected by 

generative AI in recruitment? 

The majority of respondents agree that AI 

has a positive impact on recruitment 

efficiency, particularly in speeding up the 

response time and enhancing engagement 

during the recruitment process. 

2. How does the use of generative AI in 

training personalization affect employee 

retention rates and training completion 

outcomes compared to traditional 

training methods? 

While there is a general agreement on the 

effectiveness of AI in personalizing 

training, a significant number of neutral 

responses suggest a gap in demonstrating 

clear benefits over traditional methods, 

particularly in retention and completion 

                           outcomes.  
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3. How accurately can generative AI 

predict employee performance outcomes, 

and how do these predictions align with 

actual performance metrics? 

Most respondents view AI-driven analytics 

as useful, yet the substantial number of 

neutral and negative responses indicates 

concerns about the accuracy and reliability 

of  AI  predictions  compared  to  actual 

performance metrics. 

4. What impact does AI-enhanced HR 

support, such as instant query responses 

and personalized onboarding, have on 

employee engagement and satisfaction 

levels? 

AI-enhanced HR support is positively 

viewed by a majority of respondents for 

improving engagement and satisfaction, 

especially through instant responses and 

personalized onboarding. However, there 

are notable dissatisfaction rates that may 

reflect  issues  with  implementation  or 

                                                                            personalization depth.  
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CHAPTER VI: 

SUMMARY, IMPLICATIONS, AND RECOMMENDATIONS 

 

6.1 Summary 

This dissertation investigates the transformative potential of generative AI in 

Human Resource Management (HRM), focusing on its application in recruitment, 

training personalization, performance evaluation, and employee engagement. Across its 

five chapters, the study integrates theoretical insights, empirical findings, and UX 

considerations to comprehensively understand how AI-driven HR tools impact efficiency, 

accuracy, and satisfaction. The research also highlights areas for improvement, 

emphasizing the critical role of user experience (UX) in maximizing AI’s adoption and 

value. 

The study reveals that generative AI significantly improves recruitment efficiency 

through automated resume screening, candidate matching, and interview scheduling. This 

aligns with previous studies emphasizing AI’s ability to streamline repetitive tasks, 

reducing time-to-hire and enhancing decision-making accuracy (Kaplan & Haenlein, 

2019). However, the prevalence of neutral responses suggests limited user engagement or 

awareness of these benefits. Literature on user experience in AI-driven tools highlights 

the importance of clear, intuitive interfaces and actionable feedback in addressing such 

gaps (Norman, 2013). Thus, organizations are encouraged to improve UX by integrating 

user-friendly designs and enhancing transparency in AI tools. 

In employee training, AI-driven systems deliver personalized learning 

experiences tailored to individual needs and career aspirations. This echoes the findings 

by Brown and Sitzmann (2011), who noted that personalized training significantly 

improves knowledge retention and motivation. However, neutral and dissatisfied 

responses in the study suggest room for improvement in interactivity and relevance. 
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Previous research on gamification and adaptive learning technologies suggests that 

integrating these elements can significantly enhance engagement and satisfaction 

(Deterding et al., 2011). Organizations should focus on designing contextually relevant 

content that resonates with employees' career goals and learning preferences. 

The use of AI in performance evaluation emerged as a promising area, with 

respondents acknowledging improvements in fairness, transparency, and accuracy. These 

findings resonate with Wang et al. (2020), who argue that AI can mitigate biases inherent 

in human-driven evaluations by standardizing criteria. However, concerns about 

algorithmic transparency and contextual understanding highlight the need for hybrid 

evaluation models combining AI insights with human judgment. Literature on trust in AI 

systems emphasizes the role of explainable AI (XAI) in addressing these concerns 

(Gunning et al., 2019), suggesting that greater transparency and user involvement in the 

evaluation process can foster trust and acceptance. 

Employee engagement and satisfaction with AI-enhanced HR support were 

generally positive, particularly in onboarding and access to HR resources. These findings 

support the argument that AI tools can enhance employee experiences by offering timely, 

personalized, and efficient HR services (Mick & Fournier, 1998). However, more 

interactivity and personalization are needed for a user-centred approach. Research by 

Hassenzahl (2003) on hedonic and pragmatic aspects of UX highlights that a balance of 

functionality and emotional design is crucial for fostering stronger engagement. Tailored 

solutions and transparent communication can further enhance the perceived value of AI 

in HR. 

A consistent theme throughout the findings is the pivotal role of UX in the 

success and adoption of AI-driven HR tools. Theoretical frameworks like Norman’s 

(2013) model of human-centred design underline the importance of usability, intuitive 
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interfaces, and transparent feedback in shaping user perceptions. These elements can 

bridge the gap between AI capabilities and user expectations, driving higher adoption 

rates and satisfaction. The research emphasizes the need for iterative design processes 

incorporating user feedback, ensuring AI tools meet diverse organizational and individual 

needs. 

The findings also have broader implications for HR practitioners, organizational 

leaders, and technology developers. They underscore the importance of strategic 

investments in AI technologies, prioritizing functionality and UX. Organizations can 

create adaptive, efficient, and employee-centric HR systems by addressing algorithmic 

transparency, interactivity, and personalization. Integrating AI with traditional HR 

processes must be carefully managed to ensure trust, engagement, and inclusivity. 

Generative AI offers transformative opportunities for HRM by automating 

repetitive tasks, personalizing training, and enhancing decision-making accuracy. 

However, its success depends on addressing challenges related to UX, transparency, and 

trust. This dissertation contributes to the growing knowledge of AI in HRM, highlighting 

the importance of user-centred design in realizing AI’s full potential. Organizations can 

build more efficient, inclusive, and employee-focused HR systems by aligning AI 

technologies with user needs and organizational goals. This research is a foundation for 

further exploring integrating AI and UX in HRM practices. 

6.2 Implications 

The findings from this dissertation have significant implications for both 

theoretical understanding and practical applications in Human Resource Management 

(HRM), particularly with the integration of generative AI. By examining recruitment 

processes, training personalization, performance evaluations, and employee engagement, 

the research outcomes provide a multi-faceted perspective on how AI-driven tools can 
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enhance organizational efficiency and employee satisfaction while highlighting critical 

areas for improvement. Below are the key implications derived from the study. 

6.2.1 Theoretical Implications 

This study contributes to the growing body of literature that explores the 

intersection of AI and HRM, explicitly highlighting how generative AI transforms 

traditional practices. By focusing on recruitment efficiency, training personalization, and 

predictive accuracy in performance evaluations, the research expands existing 

frameworks on AI’s capabilities and limitations within HR contexts. It also bridges the 

gap between theoretical assumptions about AI tools and their practical implications, 

providing evidence-based insights that validate and refine prior theories. 

The inclusion of UX as a core theme in the analysis offers a novel dimension to 

understanding the adoption and effectiveness of AI in HRM. By emphasizing usability, 

personalization, and transparency, the research aligns with UX design principles, such as 

Norman’s human-centred design. It enriches the discourse on how intuitive interfaces and 

user feedback mechanisms influence the success of AI implementation. This creates a 

foundation for further theoretical exploration of UX in AI-driven HR tools. 

6.2.3 Practical Implications 

For HR Practitioners: The findings underscore the need for HR professionals to 

adopt AI tools strategically, focusing on automation and user-centric designs. Key 

recommendations include: 

Improving Recruitment Efficiency: Organizations should leverage AI tools to 

automate repetitive tasks like resume screening and candidate matching. However, efforts 

must also be directed at refining these tools for transparency and ease of use to ensure 

broader acceptance among HR teams and candidates. 
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Enhancing Training Programs: Personalized AI-driven training modules can 

significantly improve knowledge retention and motivation. Integrating gamification and 

adaptive learning paths will enhance engagement and ensure training aligns with 

employee goals and organizational needs. 

Hybrid Performance Evaluations: AI-driven evaluations must be supplemented 

with human oversight to mitigate biases and ensure contextual relevance. Providing 

detailed explanations of evaluation criteria and incorporating employee feedback will 

enhance trust and satisfaction. 

For Organizational Leaders: Investment in AI with ROI Focus: While AI tools 

require substantial initial investment, the research highlights their long-term cost- 

effectiveness, particularly in leadership recruitment and employee development. Leaders 

should evaluate the ROI of these tools in financial terms and their impact on 

organizational culture, talent retention, and overall productivity. 

Change Management and Training: The mixed readiness for AI adoption in 

Indian HRM highlights the importance of preparing teams for this transition. This 

includes offering training programs for HR professionals to use AI tools effectively and 

clearly communicate their benefits to address resistance. 

For Technology Developers: The study highlights several areas where AI tools in 

HRM need refinement: 

Improving Personalization: Tools should use advanced algorithms to deliver more 

context-aware and tailored experiences for employees and HR teams. 

Transparency and Explainability: Developers must prioritize building systems 

with explainable AI (XAI) capabilities to increase user trust and ensure fairness in 

decision-making. 
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Enhancing Usability: Intuitive design, precise feedback mechanisms, and adaptive 

interfaces should be central to developing AI-driven HR tools. Regular user testing and 

feedback incorporation can ensure that tools align with the needs of diverse users. 

6.2.3 Policy and Ethical Implications 

Promoting Ethical AI Use: The research underscores the importance of ethical 

considerations in AI-driven HR practices. Concerns about algorithmic biases, data 

privacy, and transparency must be addressed through robust policies and governance 

frameworks. Organizations must ensure compliance with ethical standards to build trust 

among employees and stakeholders. 

Inclusion and Accessibility The findings reveal disparities in AI adoption across 

organizations, particularly between large and smaller enterprises. Policymakers and 

industry leaders must work to democratize access to AI technologies, ensuring that 

smaller organizations can benefit from these advancements. Accessibility initiatives, such 

as affordable AI solutions and government-backed training programs, can bridge this gap. 

This study opens several avenues for future research, including: 

I. Longitudinal Studies: Examining the long-term impact of AI adoption on 

employee performance, satisfaction, and organizational growth will 

provide deeper insights into its effectiveness. 

II. Cross-Industry Analysis: Extending the research to diverse industries will 

help generalize findings and identify sector-specific challenges and 

opportunities. 

III. Deeper Exploration of UX in AI: Investigating the role of UX in AI 

adoption across HR functions will further refine strategies for developing 

user-friendly tools. 
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IV. AI-Driven Leadership Development: Exploring how AI tools can identify 

and nurture leadership potential within organizations can add a new 

dimension to HR practices. 

The research outcomes underscore the transformative potential of generative AI in 

HRM while emphasizing the critical role of UX, transparency, and ethical practices in 

maximizing its benefits. AI tools can create more efficient, equitable, and engaging HR 

environments by aligning technological advancements with user needs and organizational 

goals. The implications outlined in this dissertation provide actionable insights for HR 

practitioners, organizational leaders, technology developers, and policymakers, setting 

the stage for a future where AI drives meaningful change in the workplace. 

6.3 Recommendations for Future Research 

This dissertation has provided valuable insights into the transformative potential 

of generative AI in Human Resource Management (HRM), addressing critical aspects 

such as recruitment efficiency, training personalization, performance evaluation 

accuracy, and employee engagement. However, as AI technologies evolve and HR 

practices adapt, several areas warrant further exploration to deepen the understanding of 

AI's impact and optimize its integration into HRM. The following recommendations 

highlight avenues for future research: 

Longitudinal Studies to Assess Long-Term Impact: Future research should adopt 

longitudinal designs to examine the sustained impact of AI-driven HR tools on 

organizational performance and employee satisfaction. While this study focused on the 

immediate outcomes of AI implementation, exploring long-term effects such as employee 

retention, career development, and leadership growth would provide a more 

comprehensive perspective. Such studies could also investigate how employees' 

perceptions of AI evolve with increased exposure and usage. 
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Sector-Specific Analyses: This research primarily focused on the HRM context in 

a broad sense, but AI adoption and its challenges vary across industries. Future studies 

could conduct sector-specific analyses to explore how AI tools are tailored and 

implemented in different sectors, such as healthcare, education, manufacturing, and retail. 

Understanding each industry's unique needs and constraints will help develop more 

effective and context-specific AI solutions. 

Exploration of User Experience (UX) in AI Adoption: The findings highlighted 

the importance of UX in driving user satisfaction and adoption of AI tools. Future 

research should delve deeper into the role of UX design in shaping employee and HR 

professional experiences with AI-driven tools. Specifically, studies could investigate: 

a. The impact of interface design, personalization, and usability on adoption 

rates. 

b. Methods to enhance explainability and transparency in AI systems to build 

trust. 

c. The role of adaptive feedback mechanisms in improving user satisfaction. 

Addressing Biases in AI Models: AI-driven tools often face scrutiny for potential 

biases in decision-making, particularly in recruitment and performance evaluations. 

Future research should explore strategies to identify, mitigate, and eliminate biases in AI 

algorithms. This includes: 

a. Developing and testing fairness-focused AI models that ensure equitable 

outcomes across diverse candidate and employee groups. 

b. Investigating the role of training datasets in perpetuating biases and 

proposing guidelines for creating more inclusive datasets. 

c. Examining the ethical implications of bias in HRM and how it influences 

organizational culture. 
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Comparative Analysis of AI-Driven and Hybrid Models: While this study focused 

on the potential of generative AI, hybrid models that combine AI with human oversight 

may offer unique advantages. Future research should compare the effectiveness of fully 

automated AI-driven processes with hybrid approaches in areas like recruitment, training, 

and performance evaluation. This could help determine optimal configurations for 

balancing efficiency, accuracy, and human judgment. 

Scalability of AI Tools in Small and Medium-Sized Enterprises (SMEs): The 

readiness and adoption of AI tools vary significantly between large organizations and 

SMEs. Future research should investigate SMEs' challenges in adopting AI-driven HR 

tools and propose scalable, cost-effective solutions tailored to their resource constraints. 

Studies could explore government or industry initiatives that support SME adoption and 

assess their effectiveness. 

6.4 Conclusion 

This dissertation has comprehensively explored the transformative potential of 

generative AI in Human Resource Management (HRM), specifically focusing on its 

impact on recruitment efficiency, training personalization, performance evaluation 

accuracy, and employee engagement. By integrating empirical evidence, statistical 

analysis, and user experience (UX) perspectives, the study has shed light on the benefits 

and challenges of AI adoption in HR processes, offering actionable insights for 

organizations aiming to enhance their HR functions through advanced technologies. 

The findings indicate that AI-driven tools effectively automate recruitment 

processes, reduce time-to-hire, and improve candidate matching accuracy. The ability of 

AI to streamline routine tasks such as resume screening has been widely recognized, 

particularly for its potential to enhance efficiency and minimize human error. However, 

challenges related to user adoption, perceived transparency, and trust in AI-generated 
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decisions underscore the importance of refining UX design to ensure seamless integration 

and a positive user experience. Addressing these challenges can enhance the acceptance 

of AI-driven recruitment systems and maximize their effectiveness. 

In employee training and retention, AI has demonstrated significant promise in 

creating personalized learning experiences tailored to individual needs, career goals, and 

learning preferences. The study revealed that AI-driven training modules contribute to 

improved knowledge retention and engagement, although gaps in perceived relevance 

and interactivity remain. To realize the full potential of AI in training, organizations must 

prioritize features such as gamification, adaptive content, and continuous feedback 

mechanisms, fostering a culture of lifelong learning and professional growth. 

AI-driven performance evaluations enhanced accuracy and objectivity by 

mitigating human biases and providing data-driven insights into employee performance. 

However, concerns around fairness, transparency, and contextual understanding persist, 

highlighting the need for hybrid models that combine AI's analytical capabilities with 

human oversight. Transparent communication about evaluation criteria and methodology 

can build trust and ensure the broader acceptance of AI in performance management. 

Employee engagement and satisfaction emerged as critical outcomes influenced 

by AI-enhanced HR support. Features such as timely responses, personalized onboarding, 

and improved HR resource access were key drivers of positive employee experiences. 

However, the significant proportion of neutral responses across engagement metrics 

underscores the need for better UX design, tailored support, and effective communication 

to ensure that employees fully understand and appreciate the value of AI-driven tools. 

The dissertation also emphasized AI adoption's ethical and practical implications 

in HRM, including data privacy, algorithmic bias, and transparent governance. While the 

findings affirm the potential of generative AI to transform HR practices, they also 
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highlight the importance of addressing these concerns to foster trust, inclusivity, and 

long-term sustainability. 

This research contributes to the growing knowledge of AI in HRM by providing 

empirical evidence and actionable insights for organizations navigating the complexities 

of AI adoption. By integrating a UX perspective, the study offers a nuanced 

understanding of how user experience influences the effectiveness and acceptance of AI- 

driven tools. The findings are particularly relevant for organizations that balance 

technological innovation with employee-centric values, ensuring that AI solutions are 

efficient and ethical. 

Generative AI represents a paradigm shift in HRM, offering unprecedented 

opportunities to enhance efficiency, accuracy, and engagement. However, its success 

depends on thoughtful implementation, continuous improvement, and a commitment to 

addressing AI adoption's human and ethical dimensions. As organizations embrace this 

transformative technology, they must prioritize user-centric design, transparent practices, 

and strategic integration to unlock the full potential of AI and create a future-ready 

workforce. This dissertation lays the foundation for ongoing research and practical 

advancements in this dynamic and evolving field. 



149  

APPENDIX A 

SURVEY COVER LETTER 

Title: Evaluating the Impact of Generative AI on Recruitment, Training, 

Performance Evaluation, and Employee Engagement Tools From UX Perspective 

 

Introduction: Thank you for taking out time for this very important survey. If you are a 

Job Seeker, Interviewer, Hiring Manager, Leader, HR or Recruiter, then this survey is 

really rightly meant for you!! 

 

This survey is highly important for anyone at any level in the professional capacity - 

Entry Level Professional, Management, Leadership, Operations, Recruiters, Job Seekers 

(At any level), Hiring Managers (In any department) Etc. 

 

Aim: We aim to understand the impact of Evaluating the Impact of Generative AI on 

Recruitment, Training, Performance Evaluation, and Employee Engagement Tools From 

User Experience (UX) Perspective. 

 

Your inputs will help identify best practices and strategies can be followed across the 

corporate landscape on Gen AI's Impact or Future steps in the above areas. 

 

Survey Questions: 

 

1. What is your role? (required) 

o Entry Level 

o Analyst Level 

o Consultant/Lead Level 

o Management Level 

o Leadership Level 

o CxO Level 

2. Which department do you work in? (required) 

o Recruitment 

o Training & Learning 

o General HR (Human Resource) 

o IT (Engineering, Architecture, Product & Design, QA etc.) 

o Administration 

o Finance & Ops 

o Sales & Marketing 

o Operations 

o Other 

3. How many years of overall professional experience do you have? (required) 
o Less than 1 year 
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o 1-5 years 

o 5-10 years 

o 10-15 years 

o 15-20 years 

o 20+ years 

4. Are you familiar or aware with AI-enhanced HR tools getting used around 

you in any form? (Recruitment, Training, Performance Evaluation, and 

Employee Engagement) 

o Yes 

o No 

o Somewhat 

Sections on Generative AI Impact in Specific HR Areas: 

 

5. Improvements in Recruitment Processes Through Generative AI 

o [Responses range from Strongly Disagree to Strongly Agree for various 
specific statements about recruitment enhancements] 

6. Predictive Accuracy of Generative AI in Performance Evaluation 

o [Responses range from Strongly Disagree to Strongly Agree for various 
specific statements about performance evaluation accuracy] 

7. Change in Employee Engagement and Satisfaction from AI-Enhanced 

Human Resource Support 

o [Responses range from Strongly Disagree to Strongly Agree for various 
specific statements about employee engagement and satisfaction] 

 

8. Additional Inputs 

o Before we conclude, are there any additional insights, suggestions, or best 
practices regarding Generative AI Impact On Recruitment, Training, 

Performance Evaluation, and Employee Engagement Tools From UX 
Perspective that we haven't discussed yet? 
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